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Bonpoc 1.

Pemure 3anauy.

B andasure s3pika muemenn YbIY Bcero nee OykBol: Y u bl, mpuuem 3ToT s3bIK 0Onamaer
TaKUMU CBOWCTBaMM: €CJIM M3 CJIOBAa BBIKMHYTbH cTOsME psaoM OykBbl YbI, To cMmbIch cioBa He
U3MEHUTCS. TOYHO TaK e CMBICII CJIOBA HE U3MEHUTCS MpU J100aBJIEHUHU B J000€ MECTO CIIOBA
oykBocoueranus blY mwnu YVYbIbl. Moxuno nu yrBepkaats, uro cioa YbIbl u bIYY umeror
OJIMHAKOBBIA CMBICII?

Bonpoc 2

3amanue

[lepen Bamu oH-NaiiH cucteMa “no3apanisTop”’. OHa COUUHSIET MOATUYECKUE MTO3/IPABICHUS 110
3arpocy nojib3oBaress. s Toro yToObl cucTeMa Bbllala OPUTMHAIBHBIN CTUXOTBOPHBIM TEKCT,
MI0JIb30BATENb JOJDKEH BBECTH OIPEICICHHYI0 HH(POPMAIIHIO: UM, TI0JI, BO3PACT, CIIOCO0
oOparieHus (Ha Thl WM HA Bbl) K MMEHUHHHUKY, METPUYECKUE XapaKTepUCTUKU. B pe3ynbrare
paboThl CUCTEMBI I10JIB30BATENb MTOIYYAE€T OCMBICIEHHbBIN, TPAMMATUYECKU TIPABUIIbHBIMH,
PUTMUYECKHU OPraHW30BaHHbIN U pU(MOBAHHBIN TEKCT, COJepKALIM B ceOe o3/IpaBIeHHe C
JTHEeM pokJeHus. HecMoTps Ha TO, UTO KaX/Iblil pa3 cucTemMa BbIJJaeT HOBbIE CTUXH, BCE
npebIAyIIie HaKaIuBaoTCs B OaHK JaHHBIX, U ©X MOKHO TOCMOTPETb.

Bama 3agaua kak KOMIIBIOTEPHOTO JIMHI'BUCTA — pa3paboTaTh METOAOJIOTHIO TECTUPOBAHUS
KadyecTBa pabOTh! JIMHIBUCTUYECKUX MOAYJEH cuctembl. B onucanuu Bamieil MeToa010ruu
JIOJIKHBI OBITH OTPa’KEHBI OTBETHI Ha CJIEAYIOLIUE BOIPOCHI:

1) Kakue nmMeHHO (yHKINH, CBSI3aHHbBIE ¢ 00pabOTKOM U reHepaleil TeKCTOB Ha
€CTECTBEHHOM $I3bIKE, BaXKHBI JJIS1 IPEIaraeMoro cepuca u nouemy? Kakue u3 Hux
a0COJIIOTHO HEOOXOAMMBI, a 0€3 KaKUX MOXKHO 00OUTHCH?

2) Kakum 06pa3oM kauecTBO pabOThl ITUX (QYHKIUI MOXKET ObITh TpoTecTHpoBaHO? UTo
JIOJDKHO OBITH MPETYCMOTPEHO B CHCTEME, JJIsl TOro 4ToOBI ObLIa 00ecreyeHa BO3MOKHOCTh
TaKOT0 TECTHPOBAHMUSI?

3) Kaxoii morua 661 ObITH cHicTeMa peUTUHTOB (1TpadoB, 6ATUIOB U T.I1.) IS pa3HBIX
JUHTBUCTHYECKUX (pyHKUMN? Kak MoiydnuTh U MHTEPIPETUPOBATH PE3YIbTUPYIOLIYIO
OLICHKY KaueCTBa JIMHIBUCTUYECKON CUCTEMBI B LIEJIOM?

Bomnpoc 3.

3ananue

[IpoutuTe moct U3 6Gj0ra, MOCBAIIEHHOTO ABTOMAaTHYECKOW 00pabOTKE €CTECTBEHHOTO SI3bIKA
(http://nlpers.blogspot.com/). CocraBsTe KpaTKoe pe3rOME 3TOrO IMOCTa HAa PYCCKOM SI3BIKE
(o6bemoM B oauH ab3ar, HO He Gosee 1000 3HAKOB), OTpa3uB B HEM OCHOBHOMW TE3UC aBTOpPA
rnocra.

NLP as a study of representations

Ellen Riloff and I run an NLP reading group pretty much every semester. Last semester we
covered "old school NLP." We independently came up with lists of what we consider some of
the most important ideas (idea = paper) from pre-1990 (most are much earlier) and let students
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select which to present. There was a lot of overlap between Ellen's list and mine (not
surprisingly). . The whole list of topics is posted as a comment. The topics that were actually
selected are here.

I hope the students have found this exercise useful. It gets you thinking about language in a way
that papers from the 2000s typically do not. It brings up a bunch of issues that we no longer think
about frequently. Like language. (Joking.) (Sort of.)

One thing that's really stuck out for me is how much "old school” NLP comes across

essentially as a study of representations. Perhaps this is a result of the fact that Al -- as a field --
was (and, to some degree, still is) enamored with knowledge representation problems. To be
more concrete, let's look at a few examples. It's already been a while since | read these last (I had
meant to write this post during the spring when things were fresh in my head), so please forgive
me if | goof a few things up.

I'll start with one | know well: Mann and Thompson's rhetorical structure theory paper from
1988. This is basically "the" RST paper. | think that when a many people think of RST, they
think of it as a list of ways that sentences can be organized into hierarchies. Eg., this sentence
provides background for that one, and together they argue in favor of yet a third. But this isn't
really where RST begins. It begins by trying to understand the communicative role of text
structure. That is, when | write, | am trying to communicate something. Everything that | write
(if I'm writing "well™) is toward that end. For instance, in this post, I'm trying to communicate
that old school NLP views representation as the heart of the issue. This current paragraph is
supporting that claim by providing a concrete example, which | am using to try to convince you
of my claim.

As a more detailed example, take the "Evidence" relation from RST. M+T have the following
characterization of "Evidence." Herein, "N" is the nucleus of the relation, "S" is thesatellite
(think of these as sentences), "R" is the reader and "W" is the writer: relation name: Evidence
constraints on N: R might not believe N to a degree satisfactory to W constraints on S: R
believes S or will find it credible constraints on N+S: R's comprehending S increases R's belief
of N the effect: R's belief of N is increased locus of effect: N

This is a totally different way from thinking about things than I think we see nowadays. | kind of
liken it to how I tell students not to program. If you're implementing something moderately
complex (say, forward/backward algorithm), first write down all the math, then start
implementing. Don't start implementing first. | think nowadays (and sure, I'm guilty!) we see a
lot of implementing without the math. Or rather, with plenty of math, but without a
representational model of what it is that we're studying. The central claim of the RST paper is
that one can think of texts as being organized into elementary discourse units, and these are
connected into a tree structure by relations like the one above. (Or at least this is my reading of
it.) That is, they have laid out a representation of text and claimed that this is how texts get put
together. As a second example (this will be sorter), take Wendy Lehnert's 1982 paper, "Plot units
and narrative summarization.” Here, the story is about how stories get put together. The most
interesting thing about the plot units model to me is that it breaks from how one might naturally
think about stories. That is, | would naively think of a story as a series of events. The claim that
Lehnert makes is that this is not the right way to think about it. Rather, we should think about 3
stories as sequences of affect states. Effectively, an affect state is how a character is feeling at
any time. (This isn't quite right, but it's close enough.) For example, Lehnert presents the
following story: When John tried to start his care this morning, it wouldn't turn over. He asked
his neighbor Paul for help. Paul did something to the carburetor and got it going. John thanked
Paul and drove to work.

The representation put forward for this story is something like: (1) negative-for-John (the car
won't start), which leads to (2) motivation-for-John (to get it started, which leads to (3)
positivefor-John (it's started), when then links back and resolves (1). You can also analyze the
story from Paul's perspective, and then add links that go between the two characters showing
how things interact. The rest of the paper describes how these relations work, and how they can
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be put together into more complex event sequences (such as "promised request bungled"”). Again,
a high level representation of how stories work from the perspective of the characters.

So now I, W, hope that you, R, have an increased belief in the title of the post. Why do | think
this is interesting? Because at this point, we know a lot about how to deal with structure in
language. From a machine learning perspective, if you give me a structure and some data (and
some features!), | will learn something. It can even be unsupervised if it makes you feel better.
So in a sense, | think we're getting to a point where we can go back, look at some really hard
problems, use the deep linguistic insights from two decades (or more) ago, and start taking a
crack at things that are really deep. Of course, features are a big problem; as a very wise man
once said to me: "Language is hard. The fact that statistical association mining at the word level
made it appear easy for the past decade doesn't alter the basic truth. :-)." We've got many of the
ingredients to start making progress, but it's not going to be easy!
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IIpumepbl NpaBUJILHBIX 0TBETOB

3aganue 1

[Tpu mr0060ii pa3perieHHOM HaM orepariy J00aBICHUS WM BBIKUIBIBAHUS KYCKa CIIOBA
konruecTBa OykB Y u bl B 3TOM Kycke paBHBI. JTO 03HAYaeT, YTO Pa3HOCTh MEX]Ly YUCIOM OYKB
VY u OykB bl B crioBe HE U3MEHsIETCS. DTO MOXKHO MPOCICANUTh Ha IIPUMEPE

bl -> bIbIY -> bBIYVYBIBIBIY -> BIYBIbIY

Bo Bcex atux cnoBax OykB bl Ha oqHy Gosbire, uem OykB Y. Bepuemcs k pemenuto. B

ciose YbIbI paznocts paBHa (-1), a B cmoBe bIYY papna 1. 3naunt, u3 ciosa YbIbl Henb3s
pa3peLICHHBIMU ONlEpalUsIMU MTOTY4UTh ciI0BO bIYY, 1 ciienoBarenbHo, HENb3sI YTBEPKAATD,
YTO ATH CJIOBA 0053aTEILHO UMEIOT OJJMHAKOBBINA CMBICI.

3aganue 2
1. [TomoOHast cucTema Moriia Obl OBITH YCTPOCHA CIIEAYIONIUM 00Pa30M.
E€ ocHoBO# MOriu Obl cTaTh M1a0JIOHBI — TOTOBBIE KOPOTKUE CTUXU € MPOIMYCKaMU, B KOTOpbIE
OyAyT BCTaBJIATHCA JaHHBIC, MOJYYCHHBIE OT IMOJB30BaTENs (HampuMmep, oOpamieHue K
UMEHMHHUKY). HyXHBI 3aroTOBKM HIa0JIOHOB Ha pa3Hble METPUYECKUE XAPAKTEPUCTUKU (UeM
Oonpme mabaoHOB OyneT MOATOTOBICHO JUIA KaXJAOTO THUIIA METPHKH, TEM pa3HOOOpaszHee
OyAyT MOIy4aThCsl MO3JpaBlEHHs, HO A MUHMMAIbHOTO BapuUaHTAa CHUCTEMbI JOJKHO OBITh
JOCTAaTOYHO ¥ OJHOTrO INabiioHa Ha MeTpuKy). YToObl (OpMBI UIsI CTUXOB MOTJIH
«IIPUCIIOCA0NIMBATECS» 0] JaHHbIE, BBOJUMBIEC I10JIb30BATEJIEM, HEKOTOPbIE MO3ULIMU B
1a0JIOHAX JTOJKHBI OBITh «IOJBM)KHBIMUY, T.€. JIOJDKHBI MTOAPAa3yMEBaTh BO3MOXKHOCTh 3aMEHBI
OJITHUX 5SJIEMEHTOB Ha jpyrue. Hampumep, B MaleHbKOM (QparmeHTe 3aroToBku «Jloporas
, Hery t1ebs kpame !» nomkHa OBITH yYT€Ha BO3MOXKHOCTH 3aMEHBI IIEPBOTO
IpuIaraTeIbHOro Ha Apyroe, B 3aBUCUMOCTH OT UMEHHU, KOTOPOE BBOJUT I10JIb30BaTElb, CP.:
(1) Hoporas Mara,
Hery 1e6s kparue!
(2) Munas Harana,
Hery Te0s kpame! (
3) Hoporoii nam Carna,
Hery 1e6s kpartue!
st Toro, uToObI MOJ0O0HBIE 3aMEHbI 0BT BO3MOXHBI, HEOOXOAUMO CO3/1aTh CIOBaph C 0COOOM
CTPYKTYpOil. B HEM JOKHBI XpaHUTHCS CI0Ba-3aMEHBI IBYX THUIIOB: Pa3HOTO POJA SIUTETHI, T.€.
npujiaratejabHble, U KOPOTKHE CJIOBa, KOTOpPbIE MOTYT YBEJIWYUBATh KOJWUYECTBO CJIOTOB B
CTpPOKE, CYIIECTBEHHO HE MEHsISI CMBICIIA, BPOJE YCUIMTEIbHBIX YACTUL TUIIA YK, MECTOUMEHUN
THIA ThI, HAll, Cp. IPUMEP BbIIE WIM BapuaHT «/loporoi Tl Ham Buagumup». Bo3moxHO,
OCMBICJICHHBIM OyJIeT U BKJIIOUEHHE HEKOTOPBIX IJIaroJIoB, B3aAUMO3aMEHSIEMbIX B CTUXOTBOPHBIX
no3apaBieHusX (cp. obokaem/yBakaem). B croBape e MOJDKHBI OBITh yKa3aHBI PEICBAaHTHBIC
JUIsL Hac XapakTEpPUCTUKHU CIIOB-3aMEH: B IEPBYIO0 OYEpENb, KOJIUYECTBO CJIOIOB M MECTO
yaapeHus. MoOryT TakXe XpaHHUTbCS OTAENbHO pa3Hble (QOpPMBI OAHOTO M TOTO K€
npusIaraTeaIbHoro, YToobl (GOpMbI €AMHCTBEHHOTO MM MHOKECTBEHHOT'O YMCIA, MYXKCKOTO MU
’KEHCKOro poja ObUIM 3aJaHbl M3HAYaJIbHO B CJIOBApe — B TaKOM CJIy4yae MOXHO OyJeT He
UCIMOJIb30BaTh B Hallel cucreme Mopdosorndeckuii Mmoayib. Ecnu jke BCE-Taku BKIIIOYATh B
cucteMy ¢parMeHThl MOP(}OIOrHUEecKOro MapCcUHra W TpaMMaTHYECKUX MpPaBUI MOCTPOEHUS
cioBoopM, TO MpUAETCS N00aBUTH emE psii MOAYNEH: Tak, HY)KHO OyAeT aBTOMaTHUYECKH
OTIpeeNATh KOJMYECTBO CJIOTOB B 00pa3oBaHHBIX CI0BOGOpMax (4To, B MPUHIUIIE, JOBOJIBHO
IIPOCTO) U MECTO YAApeHUs (4TO CJIOXKHEE, YUUThIBAs IOJBHUKHOCTb YAAPEHUS B PYCCKOM
a3bIke). BeposdTHO, B JaHHOM cilydae palioHajibHee XpaHUTh WH(OPMAaILHMIO B TOTOBOM BHJIE B
cioBape, TeM 0oJjee, 4To JJis Ia0JIOHOB OYIET HY>KHO BCEro JABE-TPH (OPMBI OJTHOU JIEKCEMBI, a
He BecsAd mapaaurma. [lomMumo cioBapsi ClOB-3aMEH, HYXXHO CO34aTh cloBapb HUMEH. B
IpOCTEHIIeM cilydae OH OyJeT BBITJISAETh KaK TPOWKa M3 MMEHH, KOJIMYECTBa CIOTOB M MecTa
yJapeHus (KOJIMYEeCTBO CJIIOTOB MOXKHO HE BKJIIOYATh B CJIOBAaph, a CUMTATh aBTOMAaTHyecku). B
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NPUHIUIE, 3TOT0 OyIeT IOCTATOYHO YIS BhIOOpa MPaBUJIBHBIX CIIOB-3aMEH: YKa3aHUE Ha IOJI
MO3BOJIUT BBIOpaTh NMpaBUiIbHYIO (hOpMY MpUIaraTeabHOro, a BBEAEHHOTO OJIb30BaTEIeM HMEHU
Oyzer nocratodHo A oOpamieHus (M3MEHATh (OpMy UMEHH COOCTBEHHOT'O HEOOXOAMMOCTH HE
Oyner). Uudopmanuio o moiie 4enoBeKa, KOTOPBIA MOXKET HMETh JaHHOE UMS, JOMYCTUMO
NPUKPEIUIATh K CIOBY cpa3y B cioBape. XpaHsIIMECs B CHUCTEME INAOJIOHBI JIOJHKHBI OBITh
packiaccuuIMpoBaHbl OMpEeIEHHBIM 00pa30M: a) M0 BO3PacTy, Ha KOTOPbII OHU paccuyuTaHbl
(B 3aBHCHMOCTH OT 3TOT0 B KOHCTAHTHBIX, HEM3MEHSEMBIX YaCTSIX CTUXOTBOPEHHS OYymyT
COJIEp)KaThCsl pa3Hble MOXKEJNaHUA — KOH(PET W MOPOKEHOro peOeHKY, AONTUX JIeT >KU3HU
B3pOCJIOMY YeJIOBeKY) 0) 1o 1oy (OnsTh-TaKu, pa3Hble MOXKETaHHs sl )KESHIIIUH U MY)KYHH) B)
Mo Ccroco0y 0oOpaleHus. T') MO TUITY METPUUYECKOW CHCTeMbl (KaK y)Ke ObLIO yKa3aHO BBHIIIIEC)
Takum o00pa3oMm, [aHHBIE, BBEIEHHBIC IOJH30BATEIEM, YUYUTHIBAIOTCS Ha JBYX JTamax
MOPOKJIEHUSI TEKCTa: CHavaja Mpu OTOOpe mabioHa, a MOTOM IPU €ro «IIOJIOHKE» MOJ UM
nyTeM MAaHMITYJIMPOBAaHUS ClIOBaMH-3aMEHaMH. Takas oOpraHu3alus CHCTEeMBbl (TeHepauus
TOJIbKO BEpXHEH CTPOKH) MpeanoiaraeT HaTu4nue JOCTaTOYHO OOJIBIIOro KOJIHYeCcTBa M1abJI0HOB
¥ BEChbMa OrpaHUYEHHBIN POCTOP I aBTOMATUYECKOTO MOPOXKACHUS TEKCTA. 3aTO OHA MPOCTO
YCTPOEHA, YTO XOPOIIO, KaK MUHUMYM, B JBYX acIleKTax: a) cucrema ObicTpee paboraer 0)
MEHBIIIE BEPOSITHOCTh OMMOKM MOXKHO OpraHuM30BaTh pPabOTy CHUCTEMBI HECKOJBKO HHBIM
crocoboM, caenaB e€ Ooliee aBTOMATU3MPOBAaHHOW. B 1maGnoHe MOXXHO OCTaBIATH OOJbILE
CBOOOJHBIX MO3HMIUHK (KOTOPHIA, HapuMep, OyayT 3aloNHATHCS MpUIaraTelIbHBIMU, CIydailHO
BBIOMpAEMBbIMU U3 HEKOTOPOTO 3aKPHITOrO MHOXKECTBA JiekceM). MOXKHO OCTaBUThH mpolen Asis
BbIOOpa  HOMHUHAIIMM, HampuMep,  JIeBOouYka/deBymika/keHmuHa  (cp.  Tel  mydmas
JIEBOUYKA//IeBYIIKa//)KEHIIUHA B MHUpe, NpU4YEéM BbIOOp OyAeT OCYIIECTBIATHCS COTJIACHO
uHpOpMaLnKU, yKa3aHHOW B rpade Bo3pacT). MOXHO aBTOMATH3MPOBATH BBHIOOP MPaBHIIbHOW
dopmsl rnarona (cp.: Uro6 Ber Obl1u cuacTimBel vs. UTOO ThI OblIa cyacTiivBa vs. UTOOBI ThI
ObUT cuacTiuB; panyi vs. pamyite). [Ipu 3TOM, OmATH k€, B MOP(OIOTHYECKOM aHAIHU3ATOPE
HEOOXO/IMMOCTH HET: B JIAaHHOM Cllyyae MOKHO 3a/1aTh YCIIOBHs BbIOOpA IMpaBUIbHON (GOpMEI ¢
MIOMOIIBIO TTPOCTHIX MPABHJI, HAIPHIMEP: OCTAaBUTh B CTPOKE CBOOOIHBIE MECTa JUIsl TIOACTaHOBOK
(uto6_  OBLI_ CcyUacTIMB_ ); B 3aBUCHUMOCTH OT TOr0, Kakue JaHHbIE BBEN I0JIb30BaTEllb,
3aMoJIHATh TMpoOenbl (BapHAaHTOB B KaxJAOM ciy4dae OyaeT He Oonee Tpéx). MoxHO maxe
HNOJKJIIOYNUTh K paboTe CHUCTEMbl CEMAaHTHYECKUN KOMIIOHEHT: OH OyJeT CBs3aH, Hampumep, ¢
BbIOOPOM TpUIIaraTeIbHOTO, COOTBETCTBYIOIIETO IMOJIy W BO3pacTy MoO3apaBiseMoro. Tak,
HarmpuMmep, K KCHIIMHE NPUMEHUM DSIUTET HEXHbIM, a K MyX4YHMHE — CKopee, HeT. OTy
uH(pOpMalLlMI0O MOXHO TakXke yKa3aTb B cJoBape, HE HaJCTpauBas JOIMOJHUTEIBHOIO
CEeMaHTUYECKOTr0 MOAyJsA. B cHHTakcMueckoM MoJyJsie CUCTeMa HyXJaThCsl He OyneT: paboTy
CHUHTAKCHUYECKOI0 aHaJIM3aTopa BBIMOJIHAIOT 3apaHee c(popMUpOBaHHBIE AOIOHBI (CP. MPUHIUI
pabotel ['pammatuku KoHCTpykuui, rae ainsd KakIoW NEpeMEHHOM KOHCTPYKIIMU €cCThb
KOHKpETHbIE TPeOOBaHMUSI 110 €€ 3al0JIHEHMIO).

2. YUtobObl mpoTECTUPOBATh CHCTEMY, JOCTATOYHO 3aJaTh HEKOTOPOE KOJMUYECTBO 3alpOCOB
(3amaBasi pa3IMYHBIE KOMOMHAIIMYU ITapaMEeTPOB) U OLEHUTh TeHEPUPYEMbIE €0 CTHXOTBOPEHHUSI.
Jist 5TOr0 HeoOX0AMMO, YTOOBI CHCTEMa MO3BOJISIIA JIeTaTh OONBIIOE KOJUYECTBO 3allPOCOB 32
KOPOTKHI TPOMEXYTOK BpEeMEeHH. B KauecTBe KoOpImyca MOPOXIEHHBIX CTUXOTBOPEHUH st
aHamM3a KadyecTBa pabOThl CHUCTEMBl MOJKHO MHCIIONB30BaTh OaHK JIaHHBIX, B KOTOPOM
HaKaIUIMBAIOTCS BCE CO3JIaHHBIE cucTeMod cTtuxu. 3. KadecTBo pabOThI CHUCTEMBI MOXKHO
OLIEHUTb, HAIIPUMEP, CIACAYIOIINUM 00pazoM. MOKHO 3a1aTh psJ apaMeTpoB (B JaHHOM Cllyyae
TaKUMHU TapaMeTpaMu-KpuTepusMu OynyT rpamMmmaTHdeckast (Mopgoorndyeckas) IpaBUIbHOCTD,
COOTBETCTBUE BHIOPAHHOM METPHKE M, BO3MOYKHO, CEMaHTHYECKasi aJIeKBaTHOCTb) M OLEHUBATh
KaKJIbIN TTapamMeTp 1o NsATuOauibHOM mkaie. KaxaoMy mapaMmerpy MOKHO MPHUCBOUTH CBOM BeC
(B 3aBUCHUMOCTH OT TOTO, KakOil KOMIIOHEHT MbI CUYMTaeM Oosiee cyllecTBeHHbIM). U B
pe3ynbTaTe MBI MOJTYYHUM YHCIIO, TOCUUTaHHOE To ciexytomeid ¢opmyne: LOk*nk , rme Ok —
OlLIEHKa MO JaHHOMY KpHTepHIo, a hk — BeC JaHHOTO KpUTepus. DTO YUCIO MOXHO CUUTATh
OIICHKOW pabOThI CHCTEMBI.
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3amanue 3

ABTOp 0OJ10Ta M3/1araeT HEKOTOPbIM HOBBIN B3I/ Ha 00pabOTKY ecTecTBeHHOrO si3bika (natural
language processing). OH 3akirouaercs B 00OpalieHuy K UaesM, KOTOpPBIE IIApHIIK B 3TOM 00sacTu
HECKOJIBKO JecATWIIeTUH Has3al. M ocHOBHas M3 HUX mpemyaraeT paccmarpuBaTh NLP kak
U3Yy4YEHUE S3bIKa CKBO3b MPHU3MY €r0 «IPEJCTaBICHUI», cxeM. B kauecTBe mpuUMEpOB TaKuUxX
CXEM aBTOp MPUBOAUT Teoputo putopuueckux cTpyktyp (TPC) Y.Manna u C.TommcoH u paboty
0 CTpyKType pacckasa B.Jlemxapr. Teopus pHUTOPHUYECKHUX CTPYKTYp, CTPEMSACH PAaCKpBITh
KOMMYHHUKATHBHYIO pOJIb OpraHu3allid IJUCKypca, MPEACTaBIAET TEKCT KaK HEpapXUUYECKU
OpPTaHW30BaHHBIN CIIUCOK 8 3JIEMEHTAPHBIX JUCKYPCUBHBIX eAuHMI. A B padore Benau Jlenxapr
npeJyiaraeTcsl HOBBIM B3IVISJT HA YCTPONCTBO pacckasa: B €e MHTEPIPETAlUu OHO MPEACTaBIsET
co0oil He uepeny COOBITHIA, a HEKOTOPYIO TOCIEAOBATEIHPHOCTh IMOIMOHATIBHBIX COCTOSHUN
repoeB. Ee Teopus nmonkperuisiercs pa3pabOTKON CXeMaTHYEeCKOro Mpe/ICTaBICHHs CTaHAapTHON
CTPYKTYpHI pacckaza. ABTOp CTaThbH MpeaiaraeT MPUMEHUTh TaKOW MOJXO0] U B HOBOM cepe — B
obyacti aBTOMATHYeCKOH o00paboTku ecrectBeHHOro s3vika (NLP). Ilo ero wHenwuto,
WCIIOJIb30BAHUE ATOTO ONBITA MPEABIAYIINX HCCICIOBAHUN MO3BOJUT JOCTHYH OMPEAEICHHOTO
mporpecca B IaHHO# 00Js1acTH.
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MeToan4yeckne peKOMeH AU

Onmuvmnuana no HamnpasiaceHHO «KoMIbIOTepHas JIMHIBUCTHKAa» IIPOBOAMTCA C  LIEIBIO
KOHKYPCHOTO 0TOOpa Ha OJHOMMEHHYIO MAarucrepckyro mnporpammy. OCHOBHas 1Ielb
IIPOrpaMMBbI — MOATOTOBKA JIMHIBUCTOB, BIAJCIOIUX TEOPETUUECKUMHU 3HAHUSIMH O CTPYKType U
(YHKIMOHUPOBAHUM €CTECTBEHHOTO S3bIKa, BIAJCIONIMX METOJAaMU W pEUICHHs 3agad C
IIOMOILIBIO TEXHOJIOTUH aBTOMaTHYECKOW 0OpabOTKH 53bIKA, CIIOCOOHBIX Y4acTBOBATH B CAMBIX
COBPEMEHHBIX IPOEKTAX, CBI3aHHBIX C SA3BIKOBBIMM TEXHOJOTHMAMM, a TaKK€ CAMUM HX
co3/1aBaTh, (HOPMYIMPOBATh HOBBIE 3a/1a41 U MpeAIaraTb alrOPUTMbI UX PEILICHUS.

Onumnuaza npearnosnaraeT TpU 3aJaHus. JOTHYECKyIo 3a/1ady, TBOpUecKoe 3aiaHue B hopmare,
KpaTKoe OT3bIB U PE3IOME TEKCTa Ha aHIVIMHCKOM s3blKe. Bpems Hanucanus paboThbl — TpH yaca.
OCHOBHBIM IPEIMETOM OLEHKH JUIs MEepBOro 3aiaHusi (JIOTHYecKoil 3amauu) OyAeT SBISATHCS
YMEHHE JIOTHYECKH MBICIUTH M BBIIBUIaTh apryMEHTHUPOBAHHBIE JOKa3arenabcTBa. s BTOpon
3amaun OyJeT Ba)KHO 3HAKOMCTBO C COBPEMEHHBIMH IOJXOJaMHU K PEIICHHIO 3a7ad B 00jacTu
KOMIIBIOTEPHOM JIMHI'BUCTUKH, C IPUHIMIIAMHA TECTUPOBAHMS U OLICHKH, BHUMAHUE K S3bIKOBBIM
CBOICTBaM paccMaTpUBaeMbIX €IMHUIl M KOHCTpyKuui. Takke Oyaer BaXHO yMEHUE
(bopMynMpOBaTh XOJI PAcCy)XICHHsI M HAXOAWUTh OpPUTMHAIbHBIE DPELICHUS, YMEHUE SCHO U
apryMEHTHUPOBAHHO H3JIOKUTh CBOM MBICIIH, IOCTPOUTH TEKCT, HE COAEP/KAIUN BHYTPEHHHX
npoTtuBopeunii. O6beM nepBoro 3aaHus He OrpaHndeH. B TpeTbeM 3a1annu OyeT OLeHUBaTbCs
TOYHOCTb M KOPPEKTHOCTb PE3IOME AHIJIMHCKOIO TEKCTa, HMMEIOLIEro CIENUAIBHYIO
npobiaematuky. B pestome fomkHA OBITH YETKO M3JI0’KEHA IMO3MLHUS aBTOpa MO OTHOLIEHUIO K
o0CcyXIaeMOMy BOIIPOCY, a TaKkke c(hopMyInpoBaHa COOCTBEHHAs! O3NS aBTOPA PE3IOME.

OlleHUBaeMble HABBIKH KPHUTEePHHU OLIeHKH 0a/11bI
3ananue 1
CnocoOHocTh K joruueckomy | Hammuue npasuibHO | 0-20
paccyXIeHHIO PEILIEHHOT 0 331aHus
3anaHue 2
ApPrymMeHTHpOBaHHOCTb U [TonHorTa, 0-15
apryMeHTHPOBAHHOCTb,
000CHOBaHHOCTb U3JIOKEHUS
HENPOTUBOPEUUBOCTD,
CTPYKTYPUPOBAaHHOCTh
W3ITI0KECHHUS, yYMEHHE

KPpUTHYCCKU MBICIIUTD,

yOeIuTeNbHOCTh

NPUBCACHHBIX ITPUMCPOB,

000CHOBAaHHOCTE BBIBOIOB

[Tonnmanue npobIeMaTuKy, INonumanme kpyra mnpoOGinem | 0-20
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TBOPYECKUU MTOAXO Keiica, BBIJICIICHUE
JIMHIBUCTUYECKUX

KOMIIOHEHTOB  IIOCTaBJICHHON
3aa4d, CTPYKTYpPUPOBAHHOE

MMOHMMAaHHE Kpyra mpooiiem,

OPUTMHAJILHOCTb PELICHUN,

ConeprkarenbHas rmoiuora | [Tomaora OTBETOB ga | 0-15
TEKCTa KJIFOYEBBIC BOTIPOCHI, HATTMYHE
BHYTPEHHEH CBSI3M  MEXAY
OTBETaMH Ha BOIIPOCHI,
yOeIUTEeNbHOCTh BHYTpPEHHEH

CTPYKTYpBI pabOThI

CrunmucTyuka U rpaMOTHOCTh OtcyrcTBUE rpyosix | 0-5
CTHJINCTUYECKUX,
rpaMMaTHYeCKUX u

opdorpadudecknx ommudoK

3aaHue 3

CopaepxarenbHas TOYHOCTb TouHOCTB uznoxenus | 0-15
COJIepKaHUsl TEKCTa, aHaJIn3a
MPEIOCTABICHHBIX  JIaHHBIX,
aJIeKBaTHOCTh TIPEACTABICHUS
aBTOPCKOM MO3ULIUU

KauecTBo pe3tome/oTBeTa JlornyHocts u  KpartkocTh | 0-10
W3ITIOKECHHUS,
chopMyITUPOBAHHOCTH
COOCTBEHHOM HO3UIIUU
aBTOpA,
OTCYTCTBHE rpyObIX
CTHIIUCTUYECKHX,
rpaMMaTHYEeCKUX "
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opdorpadudeckux ommudoK

Hroro: makcumainsHao 100 0amuuios

IlepeyeHb U copepxaHue TeM OJUMITHAIHBIX COCTS3aAHMM:

1. YpoBHU 00pabOTKH JIMHTBUCTUYECKOW MH(DOPMAITUH:
- TOKEHU3AIIUS,

- TeMMaTtu3anus (CTEMMUHT),

- Mopdoorudeckas,

- CHHTaKCHYecKas,

- CEMaHTUYECKask Pa3MeTKa,

- TU3aMOuTyarus.

2. OCHOBHBIC HAMPABJICHHS] KOMITBIOTCPHOU THHTBUCTUKH:
- MaIIMHHBIN TIEPEBOJI,

- pedepupoBaHue TEKCTA,

- aBTOMAaTHYECKasi TeHEepaIus TEKCTa,

- u3BJIeYeHUe JaHHbIX (Opinion mining, data mining),

- KJIaCTepH3aIlHsl TEKCTOB.

3. OcHOBHBIE pecypchbl U KOMIIBIOTEPHbIE HHCTPYMEHTHI:
- IOMCKOBBIC CHCTEMBI,

- KopIryca,

- 0a3bl TaHHBIX,

- OHTOJIOTHH.
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HEKOTOpbIE YPOKH. [Ipe3enranus Ha CEMUHape Sunekca.
http://download.yandex.ru/company/experience/seminars/etapoverviewrusyandex.pdf 9

10. Hutchins J., Machine translation: history of research and use. In: Encyclopedia of Languages
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12. Nadeau, David and Satoshi Sekine (2007) A survey of named entity recognition and
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14. http://www.cs.umass.edu/~mccallum/papers/acm-queue-ie.pdf

15. OO630p cucreM, 3aHUMAIONIUXCS  M3BJICYCHHEM  HMMEHOBAaHHBIX  CYIIHOCTEH:
http://pullenti.ru/CompetitorPage.aspx
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