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JIeMOHCTPAIIMOHHBIH BAPHMAHT U METOAMYECKHE PEKOMEHIallul
1o HanpasJjeHHI0 «['ocy1apcTBeHHOe M MyYHUIIUTIAJIBLHOE YIIPABJIeHHE»

Ipopuin: «'ocynapcTBeHHOE U MYHUIIUNIAJIbHOE YIIPABJIeHHE) KOJ - 160

JEMOHCTPAIIMOHHBIIA BAPUAHT

Bpems BoinosiHeHus 3aganusi — 240 MUH., SI3bIK — PYCCKUI M AHTJINHCKHIi

Paznen A. BoiOepuTe cpean npeaioKeHHbIX OTBETOB OHH WJIH HECKOJIbKO MPAaBHJIbHBIX (-
bIX) BapHAaHTa(-0B) M 3alITPHUXYHTe COOTBeTCTBYWOIMH emy(MM) oBaj(-bl) B OJaHKe
OTBETOB HA NepeceYeHUH HOMepa BOIPOca H HOMepa 0TBeTa(-0B).

Al. OrtmerbTe BCe BepHble YTBep:aeHHUsi, oOTHocammecss K KeillHcuanckoil
MAaKPOIKOHOMHYECKOH MO/Ie/Iun:

Mopenb onuchIBaeT NOBEACHUE S3KOHOMUKHU B KPAaTKOCPOYHOM IIEPUO/IE;

JIeHCTBYET NPUHIMI HEUTPAILHOCTH JCHET;

Ha Bcex ppIHKax CyliecTByeT HECOBEPLIEHHAs: KOHKYPEHIIHS;

Ha Bcex ppIHKaxX CYIIECTBYIOT <«GKECTKHE» (HE THOKUE) IIEHBI;

[IpouentHass craBka ¢opMUpYyeTCsS Ha pPBIHKE 3a€MHBIX CPEACTB B pe3ylbTaTe
COOTHOILIEHUS] MHBECTULIUN U COEPEKEHU;

CymiecTByeT HEOOXOIMMOCTh T'OCYIapCTBEHHOTO BMEIMIATENHCTBA U TOCYIAPCTBEHHOTO
peryiIupoBaHusi 3KOHOMUKU;

7. PeanbHbIii U ACHEKHBIN CEKTOP HE B3aUMOCBSI3aHbI;

8. PaBHOBecue pBIHKOB YCTaHABIUBACTCS HA YPOBHE MOJIHOTO MCIIOIB30BAHUS PECYPCOB;

9. BepHo Bce BbIIIETIEPEUHUCTICHHOE;

10. Her BepHOTO OTBETA.

AR

o

A2. Coraacao kputepuio Ilapero, o1HOBpeMeHHO BBINOJIHAETCA CJIeAyloliee:

1. Vxynmenue (cHuxkeHHe HPGHEKTUBHOCTH) IPOUCXOAUT, KOIAAa 3HAYCHHS (DYHKIHUI
MOJIE3HOCTH OJIHOTO WJIM HECKOJbKHMX HWHAMBHMJOB MOHMKAIOTCSA, a JUIsl OCTalbHBIX
WHIVBHUIOB 3TH 3HAYEHUS TOBBIIIAIOTCS,

2. VYnyumenue (moBblmeHne 3(P(GEKTUBHOCTH) UMEET MECTO B T€X M TOJIBKO TeX CIIydasix,
KOTJja Iepexo/1 OT OJJHOW aJIOKallMu K APYrod BiedeT 3a co00il MO3UTUBHOE U3MEHEHUE
3HaueHusl QYHKIUH MOJIE3HOCTH XOTs Obl OJHOTO UHAUBH/A;

3. VYayumenue (noBbimieHHe 3()(HEKTUBHOCTH) UMEET MECTO B T€X U TOJBKO TeX CIydasx,
KOT/Ia TIepeXo/l OT OJHOM aJUIOKAIlMU K JIPYroi BIIEYET 3a COOO0M HEraTUBHOE W3MEHEHHE
3Ha4YeHUs (PYHKIMHU TOJE3HOCTH XOTs Obl OTHOTO UH/ANBU/IA;

4. VYnyumenue (moBbllieHUE 3P(GEKTUBHOCTH) UMEET MECTO B T€X M TOJIBKO TEX CiIydasX,
KOI'Zla Iepexo] OT OJHOW aJNIOKAlMM K JIPYrod HE BBI3BIBAET HETaTHBHBIX M3MEHEHMMH
3HauUEHUHN PYHKIMH MTOJIE3HOCTH XOTsI Obl OHOTO UHAUBHA;

5. VYiayumenue (moBsliieHrne 3(PEKTUBHOCTH) UMEET MECTO B TEX M TOJIBKO TEX CIydasXx,
KOrjJa Mmepexoj] OT OJHOW aJUTOKalluu K JPYrod HE BBI3bIBAET HETATHUBHBIX W3MEHEHHM
3HaYeHUH PYHKUUH MOJIE3HOCTH HU OJHOTO U3 MPOYMX WHIUBHIOB;

6. Yxynmenune (cHmkeHHE S(PQGEKTUBHOCTH) IPOUCXOAUT, KOT/AA 3HAUCHHs (QYHKIUIH
MIOJIE3HOCTH OJHOTO WJIM HECKOJbKHX HWHAMBHJIOB IOHMKAIOTCA, a JUIsl OCTaJIbHBIX
WHAUBUIOB 3TH 3HAUEHUS OCTAIOTCS HEU3MEHHBIMY;

BepHo Bce BbllIEIEpEUNCIEHHOE;
8. Her BepHoro orBera.

~
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A3.K HMHCTpyMEHTaM MOHETAPHOH NOJMTHKH, JAIOIMM BO3MOXKHOCTH lleHTpajbHOoMy
banky Poccuiickoii @enepanu KOHTPOJIMPOBATH BEJIMYNHY J€HEKHOM MACChl, OTHOCSTCS:

CoNoOR~WNE

DUHAHCOBBIE ONlEpalliU HA OTKPBITOM PBIHKE;

I"'ocymapcTBEHHBIE 3aKyIIKU;

Hanoru;

TpancdepTsr;

M3MeHeHne KII04eBOM MPOICHTHOM CTaBKH (CTaBKU pe(MHAHCUPOBAHMUS);
M3MeHeHrne HOpMBI 00s13aTEIbHBIX PE3EPBOB;

Hcnonb30BaHue MEXIYHAPOIHBIX CTAHIAPTOB (PUHAHCOBOM OTYETHOCTH;
BepHo Bce BBIIIENIEPEUNCIICHHOE;

Her BepHoOro oTBeTa.

A4. ®enepajibHble U PErHOHAJIbHbIE OPTaHbl UCIIOJIHUTEIbHONH BJIACTH 00Pa3yIOT €IUHYIO
CHCTEMY MCIIOJIHUTEIbHOM BjaacTu B Poccniickoit Menepanum:

1.

Uk w

ITo nomromMounsm Poccuiickon @enepanny;

1o cTpykType opranoB ucnojaHuTeabHoM Biactu Poccuiickoit denepanuu;

[To cTpykType OpraHoB UCTIOTHUTEIHHOM BacTu cyobekToB Poccutickoii denepannu;
ITo monmromounsm Poccuiickoit deneparuu 1o npeameraMm COBMECTHOIO BEJICHHUS;

ITo nomHoMounsm Poccuiickon @enepanuu 1o npeaMeraM pas3aeabHOIO BEICHNUS;

[To momHomoumsim cyObekToB Poccuiickoit denepanuu Mo mnpeaMeraM COBMECTHOTO
BEJICHUS;

[To monmnomouusim cyowbektoB Poccuiickoit denepanuu mo mpeameraM pa3AelbHOTO
BEJICHUS;

[lo nonHomoumsiM MyHununanureroB Poccuiickoii ®enepanuu no npeaMeram
COBMECTHOI'O BEJICHUS;

[lo nonHomoumssM wmyHununanureroB Poccuiickoit ®enepanum no npeamMeram
pa3aenbHOIrO BEACHUS;

10. Her BepHOTrO OTBETA.

AS. IIpu xakoM cooTHomieHMH X M Y B HHKeNIPHBEICHHOH MOJeIH CYyLIeCTBYeT JIMIIb
oaHO paBHoBecue o Haury?

Urpok 1
Crparerus A | Crparerus b
Urpok 2 | Ctpaterus A | X-Y/2, X-Y/2 | X-Y, X
Crtpareruss b | X, X-Y 0,0

X>Y;

X<Y,;

X=Y;

X=2Y;

X>2Y,

X=4Y;

X>4Y;,

BepHo Bce BhIIENEPEUNCIEHHOE;
Her BepHoOro orBera.

CoNoOARWNE

A6. Boi0epute BepHoOe(-ble) yTBepiKAeHHe(-51), XapaKTEePpHU3YHIHe IpelebHble HOPMBI
3amemieHusi (MRS), ecam mnpeamoureHuss HMHAMBHAA XapPAKTEPU3YKOTCS MNpeaeJbHbIMH
Hopmamu 3amemienust MRS,, = 2 u MRS,, = 0, 8:
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1. MRSy, = 2;

2. MRSy, =0,5;

3. MRS, = 1,25;

4, MRS, =1;

5. MRSy, =0,8:

6. MRSy, = 0,4;

7. MRS,, =0,5;

8. MRS, = 2,5;

9. Jlnsa Beruucnenuss MRS, HemoCTaTOYHO JaHHBIX;

10. JIns BEIYKMCIICHHS MRSZy HEIOCTAaTOYHO JAHHBIX.

A7. I'padmyeckn IKOHOMHYECKHIT POCT MOKeT OBbITh NPeICTABJIEH B BU/Ie:

Peanpumit
BRBII
TREND
Bpema
(roaer)

Puc. 1. Poct peansnoro BBII

LEAS, “F&E,

1 T2 ¥

Puc. 2. CnBur 1onrocpoyHoi KpUBOM COBOKYITHOTO TpeaioxkeHust B Mojenu AD-AS

HnpecTuynonnse
TOBapH

KI1B;

Motpebrremscxie
TOBANBI
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Puc. 3. CaBur kpuBO# TPOU3BOICTBEHHBIX BO3MOKHOCTEM

Pucynka 1;

Pucynka 2;

Pucynka 3;

Bcemu tpems pucyHkamu;
Her BepHoro orBera.

A8. Ucnob3yss HHZKeNPUBEAEHHYI0 KKOPOOKY DIKYOpPTa», HIJIIOCTPHPYIOIYI0 KOHPIUKT
HHTEepecoB padoTaOIUX B OJHOM MOMEIIeHHM KYPW/JIbIIMKA M HEKYPsAIlIero 4ejoBeka,
Bbl0epuTe BepHoe(-ble) yTBep:KaeHue(-51):

LleHa KypeHus A
I'(A)

KPH Bdasd KOHTPAaKTOB

e

~

Eciu mpaBo Ha 3ampeleHHe BpPEAHOIO MCIOJIb30BaHMSI NPUHAICKUT Kypsllemy, a
BEJIMYMHA TPAH3aKLUOHHBIX U3JIEPKEK HE MO3BOJISET CTOPOHAM BECTH B3aMMOBBITOJIHBII
TOpT, paBHOBECHE Oy/IeT HaXOAUTHCS B TOUKE S;

Ecnin mpaBo Ha 3ampeleHHe BpPEAHOTIO HCIIONB30BAaHMS NPUHAIEKUT KypsIleMmy, a
BEJIMYMHA TPAH3aKIIMOHHBIX WU3/IE€PKEK HE MO3BOJISIET CTOPOHAM BECTH B3aMMOBBITOJHbBIN
TOpT, paBHOBEecHE Oy/eT HAXOIUTHCS B TOUke S';

Ecnu mpaBo Ha 3ampelieHre BpEeJHOTO MCIONb30BaHMS MPUHAUICKUT HEKYpSIIEMY, a
BEJIMYMHA TPAH3aKIIMOHHBIX U3/IEP>KEK HE MO3BOJISIET CTOPOHAM BECTH B3aMMOBBITOJHBIN
TOpT, paBHOBECHE Oy/IeT HaXOAUThCA B TOuke L;

Ecnu nmpaBo Ha 3ampenieHue BpEJHOTO MCIIONb30BaHMS IPHUHAJICKUT HEKYPALIEMY, a
BEJIMYMHA TPAH3aKIIMOHHBIX WU3/I€PKEK HE MO3BOJISIET CTOPOHAM BECTH B3aMMOBBITOJHbBIN
TOpT, paBHOBecHe OyeT HaxoIuThcs B Touke F;

CnBur kpuBoit 6e3paznuuust [ (A) BopaBo OyaeT o3Ha4YaTh MepepacrpeesieHre 10X0/1a
MEXY KypSLIUM U HEKYPSIIHUM B [IOJIb3Y KypAILLErO;

CnBur kpuBoit 6e3paznuuust [ (A) BopaBo OyaeT o3Ha4YaTh MepepacrpeesieHne 10X0/1a
MEXY KypsLIUM U HEKYPSIIHM B [I0JIb3Y HEKYPSIIETO;

BepHo Bce BhIIIENEPEUNCIEHHOE;

Her BepHoro otsera.

A9. I0/IZKHOCTH TOCYIaPCTBEHHOM IPAaKIAHCKOM CJIY:KObI MOAPA3Ae/IsIIOTCH HA CieAylue

KATeropmu:
1. PykoBonurenu;
2. Hcnomuutenw;
3. TlomomHuKH (aCCUCTEHTHI);

4.

[TomoITHIKY (COBETHUKH);
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OKCHepTsl;

CrenmancThl;

Benymue sxcnieprs;

Benyiue cennanucTsl;
O0ecIIeunBarOIINE CIICIUAINCTEI;
10. Her BepHOTrO OTBETA.

©ooNo O

Al0. Kakue ¢enepanbHble OpraHbl MCHOJHUTEILHON BJIACTH SIBJISIOTCS JIeliCTBYIOMIMMHU

Ha CeroHSIIIHUM J1eHb?

MuHuCTEpCTBO peruoHaibLHOro pa3Butus Poccuiickoit denepanuu;

MunucrepcrBo Poccuiickoit @enepanuy 1o arTOMHOM dHEPIUH;

MuHUCTEpCTBO UMYILIECTBEHHBIX OTHOIIEHUH Poccuiickoit dexneparuu;

MunuctepctBo Poccuiickoit denepannu no nenam CesepHoro Kaskasa,

OenepanbHas cinyx0a Poccun no ¢puHaHCOBOMY 03/JOPOBJICHHUIO U OAHKPOTCTBY;

locynapcrBennas denbaberepckas ciyx6a Poccuiickoit @enepanmm;

®denepalibHOE areHTCTBO MO IMOCTaBKaM BOOPYKEHHUS, BOGHHOM, ClIeUaTbHON TEXHUKH U

MaTepUaIbHBIX CPE/ICTB;

denepalibHOE ar€HTCTBO MO JIeIaM HAIlMOHAIbHOCTEH;

9. Bce BrImenepedncieHHbIC (henepaabHbIe OpraHbl HCIIOJHUTEIILHOMN BIIACTH,

10. Bce BrimenepeuncieHHbie GeaepanbHble OpraHbl UCIIOJHUTEIBHON BIACTH yIIPa3JHEHbI/
pachopMUpPOBAHBI.

Noook~owhE

o

Pa3znen B. AHau3 aHIJI0A3bIYHOM CTATHLH U OTBEThI HA BOIIPOCHI IO CTAThE.

IIpounTaiiTe cTaTHI0 H OTBETHTE HA CJEAYIOLIME BONPOCHI (HA PYyCCKOM SI3bIKe):

B1. Kparko onummure OCHOBHYIO uzacro aBTopoB craTeu. Kax Bsl oTHOCcHTEch K 3TON Mzee?
Aprymentupyiite Baur oTBer.

B2. Kakne teopun npoBepsilOTCA B paMKax JaHHOro uccienoBanus? Ilepeunciure n kparko
oXapakTepusyhTe NaHHble Teopuu. Kakas u3 JaHHBIX Teopuil mpezacrasisercs Bam namnOoiee
nepcnekTuBHON? OOGocHyliTe Bamr oTger.

B3. O603Ha4bTe OCHOBHBIE OCOOEHHOCTH METOJOJIOTHH HcCienoBanuss. Hackoiapko KOppeKTHa,
no Bamemy MHEHHIO, NpPHUBEACHHAas METOJOJIOTHS HCCIIENIOBaHUS, KaKOBbl TDaHULI €€
NPUMEHUMOCTH B U3yYEHHUH JTaHHOU MPOoOIeMbl?

B4. Hackonbko akTyalibHa MpejcTaBleHHas B cTaThe npobsema aist Poccun? Kakue rumnoresst
MOKHO c(opMyaupoBaTh B 3ToM cBs3u? KakoBbl OTIMYMTENbHBIE OCOOCHHOCTH OKa3aHUs
rOCyIapCTBEHHBIX YCIYT B Poccuu 1o cpaBHEHMIO C pacCCMAaTPUBAEMBbIMU B HCCIIEI0BAHUU?

B5. Kak Bausier pocT yucia MOCTAaBUIMKOB rOCYJapCTBEHHBIX YCIYT B c(epe 3JIEKTPOIHEPTUn
CIIA Ha BEepOSTHOCTb CMEHBI ITOCTABIIMKA B Cllyyae «cO0oeB» MpH okazaHuu yciayr? OGocHyiiTe
Bamr otser.

B6. Kakoil BUJl 5KOHOMETPUYECKOW MOJIENH UCIOIB3YETCSI aBTOPAMU ISl aHAJIM3a BEPOSITHOCTH
TOT0, CMEHUT JIM TIOJIb30BaTelb TOCYJAapCTBEHHBIX YCIYr B cdepe 3IIeKTpO3HEPTUu
IIPEIbIAYIIEro NOCTaBIIuKA?

B7.Yto wucnomp3yercss aBTOpaMH B KadyeCTBE 3aBUCUMOW TIEpEeMEHHOM B 0a30BOM
perpeccuonHoi Moaenu? Kak Bel nymaere, mouemy?

B8. Cornacubl 1 Bbl ¢ BbIBOZamMu M OOBSCHEHHEM IIONYYEHHBIX pe3ynbraroB? B uem, mo
Bamemy MHeHHIO, MOTyT 3aKiiouyaTbcst caabOCTH B HMHTEPHNPETALUU  PEe3yJbTaToOB
uccinenoBanus? [losicaure, mouemy.

B9. fBnstorcss 5w, Ha  Baml  B3IMUIAA, OPEACTABICHHBIE aBTOPAMU  CTAaThU  BBIBOJIBI
ucuepnsiBaromumMu? O6ocHyiite Bamn oTer.

B10. Yto651 651 Bbl emie npennoxuau s yaydlleHus MOJI0KEHHs JIed B JaHHOW 00JacTH, B
TOM YHCJI€ UCXO/S U3 PE3y/IbTaTOB U3BECTHHIX BaM nccnenoBanuii, He yIOMSHYTBIX B cTaThe?
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Responses to Decline in Marketized Public Services: An Experimental Evaluation of
Choice Overload
Sebastian Jilke*, Gregg G. Van Ryzin* and Steven Van de Walle
Introduction
Policy makers and academic proponents of introducing competition and choice into public
service delivery have repeatedly claimed that overcoming state monopoly-led provision of public
services would increase the efficiency of public service delivery and result in a boost in citizens’
welfare (Ostrom and Ostrom 1971; Savas 1987). It has been argued that this would be achieved
through shifting the autonomy for decision making (in terms of provider choice) from the state to
the citizen by creating public service markets and allowing service providers to compete for
customers. Citizens would then send market signals to suppliers by complaining to or switching
their providers. Service providers, in turn, would respond accordingly by adjusting the value-for-
money of their services in order to keep service users as well as attracting new ones. As a result,
a long-run equilibrium would be achieved between citizens’ demands and preferences and the
price and quality of the offered services.
Such a neoclassical perspective on public service delivery under competition tends to assume
that increasing the number of service providers to choose from will result in an optimal
allocation of available resources. Or more simply put, public services would become cheaper and
better. This rests on the assumption that citizens choose from a set of service providers the one
that best matches their needs and demands (Stone 2005). But can there be too much choice? In a
well-known study, lyengar and Lepper (2000) conducted a field experiment where they
randomly assigned customers of a US grocery store to taste among a set of six (limited choice),
or 24 (extensive choice) different gourmet jams. Subsequently, the authors found that despite the
perceived higher attractiveness of the larger sample of jams, people who were exposed to the
extensive-choice condition were clearly less likely to purchase one of the jams. Or in other
words, increasing choice reduced people’s likelihood of making a decision. These findings stand
in stark contrast to basic assumptions put forward by standard psychological theories of human
motivation and economic theories of rational decision-making, that is “[...] that having more,
rather than fewer, choices is necessarily more desirable and intrinsically motivating” (Iyengar
and Lepper 2000, 997).
Although the choice-overload effect has been studied many times in various private-sector
contexts (for an overview see Scheibehenne, Greifeneder, and Todd 2010; but see also Chernev,
Bockenholt, and Goodman 2010; Gonzales 2013), commentators have questioned whether
choice-overload matters in the case of public service markets where only a limited amount of
service providers compete for customers (Dowding and John 2009; Le Grand 2007). But there
has been a push in many countries to liberalize the provision of core public services, such as
education and health care, in order to create more choice and competition. A prime example is
the provision of electricity, which used to be delivered by state-owned or state-regulated
monopolies that gave residents of a city or region essentially no choice in providers. But today’s
electricity markets have been liberalized and/or de-regulated to a great extent (Conway and
Nicoletti 2006). This means that in many markets there are now multiple public and private
service providers that compete for electricity customers. For example, in the State of New York
people have on average 41 electricity providers available to choose from1, clearly a situation in
which choice overload could well be a relevant factor. Whereas the possible adverse effects of
choice overload for public service provision have been discussed repeatedly (Dowding and John
2009; Jos and Tompkins 2009; Macaulay and Wilson 2008; Schwartz 2004; Tummers, Jilke, and
Van de Walle 2013; Wilson and Price 2010), an empirical evaluation of the unintended negative
consequences of increasing provider choice is missing in the public management literature.
In this study, we extend and test the theory of choice overload by investigating whether or not
increasing the number of (hypothetical) providers of public services in the US electricity sector
has adverse effects on peoples’ motivation to switch their provider after a service failure. To do
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so, we use a survey experiment (N = 1,154) in which we randomly vary the number of service
providers in a hypothetical service failure scenario. Results show that increasing provider
choice—in the hypothetical scenario—reduces individuals’ stated preferences for switching
away from a poor performing provider by about 10% points. These findings also hold when
replicating the experiment with an independent online sample (N = 545). Thus our results
indicate that increasing provider choice in public service markets causally influences peoples’
motivation to switch away from poor performing public services. In turn, this may lead to a
situation where citizens become locked-in to a suboptimal provider simply due to an overload of
choices.

Choice Overload and Public Management Reform: A Theory for Citizen Responses
Empirical studies of the detrimental effects of too much choice have spread considerably since
Iyengar and Lepper’s (2000) seminal jam study, which as indicated earlier found that offering
people too much choice reduced their motivation to choose. Since then, various studies in
cognitive psychology and marketing have corroborated a choice-overload effect in different
contexts, ranging from simple consumption decisions for items such as chocolates (Chernev
2003), pens (Shah and Wolford 2007) or gift boxes (Reutskaja and Hogarth 2009), to more
complex decisions like choosing music players that differ on many attributes (Greifeneder,
Scheibehenne, and Kleber 2010), volunteering with a charitable organization (Caroll, White, and
Pahl 2011), or enrolling in 401(K) pension plans (lyengar, Huberman, and Jiang 2004). Studies
have also shown that having too many choices not only undermines people’s motivation to
choose, but also negatively impacts their subsequent satisfaction with the option they have
chosen (Diehl and Poynor 2010; Greifeneder, Scheibehenne, and Kleber 2010; Haynes 2009;
Reutskaja and Hogarth 2009), including disappointment and regret (Schwartz 2000). Proponents
of choice-overload argue that these adverse psychological outcomes can be explained by three
basic factors: information overload, unclear preferences, and negative emotions (for an overview
see Botti and lyengar 2006).

Research on information overload suggests that individuals have limited capabilities to encode
information, and when those limits are reached people tend to become uncertain (Chen, Shang,
and Kao 2009; Lee and Lee 2004; Miller 1956; Timmermans 1993). Therefore, as the amount of
information to be processed grows, decision-making becomes poorer and the motivation or
ability to make a decision diminishes. Moreover, work in psychology has shown that people do
not hold stable and clearly ordered preferences ready at their disposal when faced with a choice;
rather, people’s preferences are fluid and heavily context dependent (Feldman and Lynch 1988;
Kahn and Baron 1995; Payne, Bettman, and Johnson 1993; see also Botti and lyengar 2006).
Given this fluidity and contextual nature of people’s preferences, having to choose among a large
array of alternatives can produce cognitive conflicts and overload, which can in turn result in
negative emotions and stress (Botti and lyengar 2006). In particular, choosing in a context of too
many options often means disregarding potentially attractive alternatives, and regretting forgone
choices, and has been found to be associated with choice deferment (Beattie et al. 1994;
Simonson 1992). As a result, people often avoid choosing altogether.

Closely related to this stream of research is Simon’s (1955, 1972) concept of bounded
rationality. Simon observed that the decision making of individuals is bounded by their
psychological limitations, including uncertainty, cognitive constraints in processing information,
and information overload. Because of such limitations, people may end-up making poorer (non-
optimal) decisions, including sticking with their default. Thus, according to the concept of
bounded rationality, a person’s risk of making a poor decision increases when confronted with a
greater number of options to choose from. Since people are in general risk-averse, and since
choosing among many options raises the risk of making a wrong choice, they tend to avoid
making a decision at all. Samuelson and Zeckerhauser (1988) labeled this tendency of people to
stick with their default a “status-quo bias” (see also Thaler and Sunstein 2008). In the context of
public service provision, status-quo bias would imply that citizens will become more likely to
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remain with their current service provider when faced with too many alternatives to choose from
in the market.

Such negative effects of too much choice, however, may be context dependent. In their meta-
analysis of choice-overload effects in consumer research, Scheibehenne, Greifeneder, and Todd
(2010) find that despite great variance between studies, there was no support for a single main
effect of choice overload (but see also Chernev, Bockenholt, and Goodman 2010; Gonzales
2013). They conclude that this variance in findings across studies could be a result of the
context-dependent nature of choice overload. Yet, in their meta-analysis, Scheibehenne,
Greifeneder, and Todd (2010) were not able to identify any specific preconditions that must be
met for choice overload to occur. Thus, in line with the critiques of their meta-analysis (Chernev,
Bockenholt, and Goodman 2010), Scheibehenne, Greifeneder, and Todd (2010) call for further
research to identify such conditions. Indeed, most of the studies examined in their meta-analysis
drew upon simple consumption decisions of private goods with relatively simplistic attributes
and limited daily importance to participants (such as jams or pens). Our study differs from these
existing works in two important ways. First, we study people’s responses to service decline
instead of a simple consumption decision based on various product attributes. And second, we
focus on a core public service (electrical power) that is fundamental to modern life and of great
daily importance for citizens. Whereas much of the research on choice overload has concentrated
on simple consumption decisions for private goods (such as jams, pens, chocolate, or music
players), whether the choice-overload hypothesis holds true for citizens’ responses to poorly
performing public services has not been examined. This is an important question because
citizens cannot simply withdraw from using vital public services, such as electricity, but rather
must switch providers if they want to leave poor performing service organizations. Such a choice
decision is arguably much more meaningful than deciding whether or not to buy a gourmet jam
or a pen.

Theories of citizen responses to decline in public service performance suggest that as a result of
their dissatisfaction with public services, citizens frequently switch between public service
providers (Dowding and John 2012; Lyons, Lowery and DeHoog 1992). The key driver here
seems to be their dissatisfaction with the state of affairs of a certain public service. This assertion
rests on Hirschman’s (1970) classical distinction between exit and voice as response to
organizational failure, meaning people can either voice their dissatisfaction, hoping that things
improve, or they can leave the respective organization or service provider. The likelihood of exit
and voice, in turn, is moderated by people’s loyalty to the organization in question. Voice can be
either collective, such as participating in a demonstration or voting in an election (see for
example James and Moseley 2014; Boyne et al. 2009), or individual, such as filing a personal
complaint (see Jilke and Van de Walle 2013). Exit means that people either stop using the
service in question or switch to another (public or private) service provider (for an overview see
Dowding and John 2012).2 In this study, we focus on exit in the form of switching providers as a
response to a decline in public service performance.

Public management reforms over the past decades have often aimed at improving citizens’
opportunities to choose among multiple providers of public services. Indeed, a core element of
many New Public Management initiatives was to move away from state-led provision of public
services to a more open public services market that would allow for competition (Barzeley 2002;
Osborne and Gaebler 1993; Pollitt and Bouckaert 2011). This holds especially true for the public
utility sector (Bognetti and Obermann 2008). While in decades past publicly owned or heavily
regulated private monopolies were the dominant model of service provision, in more recent years
effective competition has emerged in many public service sectors across Europe and North
America (Conway and Nicoletti 2006). Thus, these reforms have substantially changed the way
public services are delivered today. Indeed, a central aim of liberalizing public service provision
was to insert choice into the provision of public services and foster competition among
providers. Le Grand (2007) argues that choice can lead to greater responsiveness to the needs
and demands of service users, but only if two conditions are met: (a) competition must be real
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(there must be true competitors), and (b) there must be a real choice among alternatives. But
even if choice and competition may not lead to desirable outcomes, Le Grand (2007) makes the
case that choice has intrinsic value on its own. For citizens, however, simply increasing the
number of alternatives does not necessarily leave them with more valued choice, as Dowding
and John (2009) argue. For example, if parents could choose among a public and private school
for their child, adding another similar public school may not increase their options as much as,
for example, adding a faith-based school. The choice set of three very different types of schools
would be valued higher than a choice set of three very similar schools. Thus parents’ indirect
utility would likely be higher for the first case, despite having the same number of alternatives.
But while “[...] increasing the number of alternatives (‘hard choice’) does not entail increasing
choice in any valued sense, it may induce costs” (Dowding and John 2009, 228), including
psychological costs.

In line with Hirschman’s (1970) theory of responses to poor performing organizations, we argue
that people respond to a decline in public service performance by either expressing their
discontent (voice), or leaving the public service provider in question (exit). However, the
likelihood of exiting decreases when there are too many alternatives for people to choose from.
Although people can rather easily navigate through a set of two or three alternatives, the growing
overload of information that comes with many alternatives produces cognitive conflicts,
including stress, and makes citizens uncertain about picking the “right” option. Anticipating the
risk of potentially being worse-off after switching (loss aversion), individuals stick with the
service provider they are currently using (status-quo bias), even if they are dissatisfied with the
service. This assertion is in line with key tenets of choice overload, but also provides a valuable
extension of the theory by not only considering simple consumption decisions, but applying it to
models of citizens’ responses to poor performing public services. Therefore, the central
hypothesis we test in this study is as follows: All things being equal, citizens who experience
severe dissatisfaction with a given service will be less likely to switch away from their current
service provider when faced with many alternative providers, compared to people who are
equally dissatisfied but have a more limited set of providers to choose from.

Experimental Design and Participants

To investigate the choice-overload hypothesis in the context of public service delivery, we
designed a discrete choice experiment based on a hypothetical service failure (see also Maute
and Forrester 1993), which was embedded in an online survey. The particular strengths of survey
experiments are that they combine the internal validity of laboratory experiments with the
external validity of population surveys (Mutz 2011). This allows us to make a firm cause-effect
assessment of choice overload across a very diverse subject pool. We examine our theoretical
predictions in the context of enhanced deregulation and competition in the provision of electrical
power in the United States. Historically, the US electricity market was dominated for much of
the 20th century by monopolistic municipal utilities, power cooperatives, or privately held
companies highly regulated by public utility commissions. Following liberalization trends that
began in countries like the United Kingdom and Chile, coupled with advances in smart-grid
technology, the US electricity market over the least few decades has experienced deregulation
and a proliferation of the number of electricity providers available in many states and
metropolitan areas. As mentioned earlier, New York State now includes over 40 electricity
providers on average, and other states with deregulation and significant retail choice include
Texas, Pennsylvania, Ohio, Illinois, New Jersey, and Michigan (US Energy and Information
Administration 2010). Thus, choosing an electricity provider is a necessary and salient task faced
by a great many people in the United States and makes this a relevant and realistic public service
context for studying the choice-overload hypothesis.

Sample: Amazon’s Mechanical Turk

For our study, we used Amazon’s Mechanical Turk (MTurk)3 to recruit experimental subjects.
MTurk is an online labor market in which people (“workers™) are paid for small online tasks,
including survey participation. Scholars have increasingly relied on MTurk for conducting
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experimental or survey research4. Various studies have demonstrated the quality of data obtained
via MTurk (Amir, Rand, and Kobi Gal 2012; Berinsky, Huber, and Lenz 2012; Crump,
McDonnell, and Gureckis 2013; Goodman, Cryder, and Cheema 2013; Horton, Rand, and
Zeckhauser 2011; Paolacci, Chandler, and Ipeirotis 2010). Nevertheless, the MTurk pool of
online workers is clearly not a random sample of the population and hence not statistically
representative. But the MTurk population is very diverse in terms of demographic characteristics
when compared to other non-random samples that are regularly used for experimental studies,
such as college student samples or even standard internet panels (Buhrmester, Kwang, and
Gosling 2011). Moreover, scholars have used samples from MTurk to replicate both surveys and
experimental studies from random samples and have found few substantial differences in the
results obtained (Berinsky, Huber, and Lenz 2012). MTurk findings have also been shown to be
consistent with results produced in behavioral laboratories, which are commonly regarded as the
gold-standard in terms of internal validity (Berinsky, Huber, and Lenz 2012; Kagel and Roth
1995; Horton, Rand, and Zeckhauser 2011; Suri and Watts 2011). In sum, according to Mason
and Suri (2012, 4) “[...] evidence that Mechanical Turk is a valid means of collecting data is
consistent and continues to accumulate”; thus, MTurk can be regarded as a promising sampling
frame for experiments in public administration research involving a general population.

We hosted our survey-experiment through the Qualtrics software and directed subjects to the
URL provided in their MTurk work-description. Only US-based participants were recruited. One
concern when using online recruitment panels is that subjects rush through the online
questionnaire without properly reading the provided instructions and questions. Indeed,
Goodman, Cryder and Cheema (2013, 213) illustrate that participants recruited via MTurk “[...]
are less likely to pay attention to experimental materials”. Others also warn against so-called
bots, computer programs designed to answer survey questions (Mason and Suri 2012).
Therefore, to increase the statistical power and reliability of our dataset, and to reduce Type Il
error (false negatives), we screened respondents based on two criteria. First, we included an
instructional manipulation check5, as recommended by Oppenheimer, Myvis, and Davidenko
(2009) to detect “satisficers”, spammers, or even bots. Those study participants that failed this
attention check were excluded from our sample (a total of only 30 respondents). Second, we
examined the time subjects took to fill out the questionnaire (mean of 5.23min, with a SD of
3.37). Extreme deviations from the average time to complete the questionnaire were regarded as
an indication of satisficing behavior that was not captured by the instructional manipulation
check (see also Mason and Suri 2012; Mutz 2011). Thus respondents within the highest and
lowest 1% percentile (less than 1.77 and more than 17.92min, respectively) in terms of total time
till survey completion were excluded (23 subjects in total). Another commonly raised concern
about using MTurk samples is that respondents log in to the online platform with multiple
accounts and participate in the very same experiment more than once (Chandler, Mueller, and
Paolacci 2014; Horton, Rand, and Zeckhauser 2011). This obviously violates the assumption that
subjects are independent observations and thus poses a threat to the internal validity of the
experiment. Hence, we checked whether the subjects’ internet protocol (IP) addresses
overlapped, as proposed by Horton, Rand and Zeckhauser (2011). When this was the case,
subjects were excluded from our analysis (11 respondents in total). After applying these
screenings, we were left with a total number of 1,154 study participants.

Table Al in the statistical appendix presents the characteristics of our sample of respondents
from the MTurk compared to the general US adult population using data from the American
Community Survey with regard to gender, age, income, race-ethnicity, and place of residence.
MTurk respondents are more likely to be white, male and younger, but represent a range of
incomes and places of residence. Although not representative, as discussed previously, the
sample is nevertheless nationwide in scope and fairly diverse.

Experimental Procedure

To assess the choice-overload hypothesis in the context of liberalized public services, we have
conducted a scenario-based survey experiment based on a 2x2 factorial, between-subjects design
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as depicted in figure 1. Dissatisfaction with the service and the amount of choice available were
each experimentally manipulated in the following manner. First, the degree of service failure was
experimentally manipulated, with either a mild or a severe decline in service performance (the
dissatisfaction factor). This was expected to induce subjects to be either mildly or severely
dissatisfied with the hypothetical service provider. Second, respondents were randomly assigned
to a public service market with either a high or low degree of provider choice (the choice factor).
This yields a total of four experimental arms or conditions: (a) mild dissatisfaction and low
provider choice, (b) severe dissatisfaction and low provider choice, (¢) mild dissatisfaction and
high provider choice, and (d) severe dissatisfaction and high provider choice. The information
presented to participants mimics information that is typically available on electricity provider
comparison websites. The respective scenario description was as follows:

Say you are a resident of Middletown and you receive your home electricity services from
ABC utility, which is owned and operated by the municipality. In recent years, the local
electricity market was opened up for competition. There exist [three/eighteen] electricity
providers.

Recently, ABC utility mistakenly over-charged you and deducted too much from your bank
account. After notifying them, it took ABC utility [two/90] days to refund you the money. The
customer service representative you talked with at ABC utility was [friendly and helpful/ not that
friendly or helpful], and the utility [later/never] sent a letter of apology for the mistake. Surveys
indicate that people are in general [fairly/not that] satisfied with ABC utility.

11
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Figure 1. Experimental Design
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After being presented with this information, subjects were presented a list of hypothetical service
providers, including their current hypothetical provider (ABC utility), and a list of alternatives (2
alternatives in the low choice group, and 17 alternatives in the high choice group). The list of
providers was provided to respondents along with information about a variety of attributes such
as the number of customer complaints per year, price, minimum contract term, and cancellation
fee. Thus, respondents were given information on each of these attributes for each provider (see
figure Al in the statistical appendix, e.g. of the provided choice sets). This was done to show
subjects that they have a choice among a diverse set of providers, while avoiding providers that
had attributes (such as price or service quality, i.e. number of complaints) that deviated strongly
from the respective mean values. These attributes were determined randomly before the start of
the experiment, and held constant across subjects. The number of complaints per year was
regarded as a proxy for service quality. The incumbent (ABC utility) was assigned the lowest or
highest value (90 or 230 complaints per year, respectively), in accordance with the mild and
severe dissatisfaction conditions. For the low choice condition, we assigned one alternative the
highest/lowest value respectively, and the other the mean value of 160. For the high choice
condition, values were determined randomly (before the start of the experiment) with the range
of 90-230 complaints per year. Next, we wanted to control for the economic effects that
respondents simply choose the cheapest offer. Therefore, the actual prices were varied between
0.0111 and 0.0127 cents per kwh. The incumbent was assigned the mean value of 0.0119,
whereas all other providers were randomly assigned a value in between 0.0111 and 0.0127
before the experiment started. Lastly, we included two additional attributes to signal low
switching barriers: the minimum term for each supplier, and the cancellation fee, which are
typically available on electricity provider comparison websites.6 Here we assigned our
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incumbent a minimum term of 1 month and no cancellation fee, whereas all other providers were
randomly assigned on these attributes prior to the start of the experiment.

After being presented with this information, all respondents were asked whether they would stay
with their current provider, or choose one of the others (which they had to name). This resulted
in a discrete choice outcome variable for our subsequent analysis. Respondents were also asked
to indicate their satisfaction with ABC utility and the perceived amount of choice available to
them as a manipulation check.

Before fielding the actual experiment, we conducted a pretest via MTurk to determine the actual
number of providers that respondents perceive as many or only a few choices. Here we varied
the number of service providers (8, 13, 18, and 23) based on real-life information. In the State of
New York, for example, the mean number of electricity providers within cities is 41 (with a SD
of 11.4, ranging from 1 provider in Long Island to 68 in New York City9). Our pre-test clearly
identified 18 providers as the number that participants start to consider as a lot of choice when
compared with the baseline of 3 providers. We also pre-tested our questionnaire among a small
sample of MTurk respondents which resulted in minor changes in the questionnaire and the
detection of some typos. Respondents from the MTurk pretests were not included in the
experiment that followed.

Results

Before turning to the main results, we first present evidence of the effectiveness of the
dissatisfaction and choice manipulations. As intended, respondents in the severe service failure
condition reported significantly higher levels of dissatisfaction than those assigned to the mild
service failure scenario (F = 29.84, p < .05)10. Similarly, subjects that were randomly assigned
to the low choice condition reported having significantly less choice available when compared
with those participants that were in the high choice condition (F = 6.10, p < .05)11. This
provides evidence that both manipulations worked as intended.

To test the independent and combined effects of the experimental manipulations, we estimated a
binary logit regression model with subject’s discrete choice decision (stay with current provider
versus switching) as the dependent variable (table 1). The first model serves as a baseline model.
The second model displays the effects of both treatment variables and tests the choice-overload
hypothesis by interacting them with each other. This way we can assess the effect of service
failure on respondents’ stated switching behavior contingent on the amount of choice that was
made available to them. Both treatment variables have been effect coded in order to avoid
misinterpretations of the main effects of the treatments in the interaction model.

Table 1. Experimental Results (MTurk; N = 1,154)

Baseline Interaction Model

Choice 0.432* (0.235)  0.136 (0.268)
Dissatisfaction 5.393** (0.257) 5.485** (0.268)
Choice x dissatisfaction - —1.536** (0.535)
—2 Log likelihood 571.080 562.373

A —2 Log likelihood - 8.71**
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Baseline Interaction Model
Pseudo R-squared 0.64 0.65

« Note. Standard errors in parentheses.
e **p< .05, *p <.l (two-tailed tests, except for the interaction term where a one-tailed test
was used because it represents a directional hypothesis).

The results from our baseline model show that both treatments have an effect on subjects’ choice
decisions. Being in the dissatisfaction treatment group significantly increased respondents’
probability of stating that they would switch service providers. Moreover, confronting them with
a large array of alternative providers (choice treatment) also increased subjects’ propensity to
switch. This suggests that choice overload is indeed less likely to work when it is framed as a
simple consumption decision. In a second step, we examine the combined effect of both
experimental manipulations, and thereby whether participants in the experiment have
experienced choice overload as a consequence of both, a large amount of alternatives and the
experience of a severe service failure. First, adding an interaction term between both treatment
dummies significantly improved the model’s fit to the data: the —2 log likelihood significantly
decreased by 8.7. Here, the main effect for the dissatisfaction treatment stays essentially the
same when compared to the baseline model, whereas the main effect of increasing choice
decreases and becomes statistically insignificant. Moreover, the interaction term between both
treatments turns statistically significant and exhibits a negative effect direction. This means that
those respondents in the severe dissatisfaction condition who were given many choices were less
likely to abandon their default provider. This lends support to the choice-overload hypothesis as
outlined in the previous section.

Figure 2 illustrates the magnitude of this choice-overload effect graphically, showing the
marginal effects of being dissatisfied on switching, contingent on the amount of choice that has
been made available. The marginal effect of dissatisfaction on switching is 0.91 for the low
choice condition and 0.81 for the high choice condition. This corresponds to a decrease by 0.10
and is not only statistically significant but also of non-trivial magnitude. In other words, for
dissatisfied subjects who were confronted with a large choice set of service providers, the
likelihood of stating that they would switch to one of the alternative providers decreased by 10%
points.

14

HaHHOHaJ’IBHBIﬁ HCCJ’Ie}IOBaTeJ’ILCKl/lﬁ YHUBEPCUTET «BpIcasi IIK0Ja YKOHOMHKH



Omnmvmmana HUY BIID nis1 cTy1eHTOB M BHINYCKHUKOB — 2018 1.

Figure 2. Marginal effects of dissatisfaction on switching contingent on the amount of
choice available (MTurk; 90% confidence intervals).
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There have been calls in (experimental) social sciences for an increase in replication studies (see
most prominently King 1995). A very recent large scale replication project in psychology, for
example, replicated 13 authoritative studies across 36 different samples with a total of 6,344
participants, and thereby validating a great share of the experimental effects under scrutiny
(Klein et al. 2013). Here we aim to validate the experimental results reported in the previous
section and, therefore, increase our findings’ external validity. Our direct replication used a new
sample from CivicPanel, a university-affiliated online pool of voluntarily recruited participants
in the United States.12 Participants in CivicPanel are not financially compensated for completing
surveys, but rather are included in a post-survey lottery for gift vouchers (10 vouchers of 20
USD, and 1 voucher of 100 USD in total were offered). We used the very same experimental
design and Qualtrics questionnaire as reported for the original study. Again, we have performed
the same subject screening techniques as were done for the original experiment, with the only
difference that CivicPanel did not provide us the subjects’ internet protocol addresses. But since
panelists here are not directly financially compensated, we do not expect that the same
respondents answered the survey experiment more than once. Table 2 in the statistical appendix
illustrates the characteristics of our sample of 545 participants. Unlike the MTurk sample, the
group of participants from the CivicPanel is predominately female and includes fewer young
people and more middle-age and older respondents. Compared to the general US population,
respondents are more likely to be female, white, and in the middle age categories. Although not
representative, the CivicPanel sample is nationwide in scope and fairly diverse.

15

HaIIHOHaJIBHBIﬁ I/ICC.]IelIOBaTeJ'II)CKl/lﬁ YHUBEPCUTET «BpIcasi IIK0Ja YKOHOMHKH



Omnmvmmana HUY BIID nis1 cTy1eHTOB M BHINYCKHUKOB — 2018 1.

Table 2. Experimental Results (Civic Panel; N = 545)

Baseline Interaction Model

Choice 0.921** (0.311) 0.935** (0.318)
Dissatisfaction 4.570** (0.311) 4.611** (0.318)
Choice x dissatisfaction - —1.072** (0.637)
—2 Log likelihood 346.594 343.678

A =2 Log likelihood - 2.92*
Pseudo R-squared 0.54 0.55

« Note. Standard errors in parentheses.
e **p<0.05, *p <0.1 (two-tailed tests, except for the interaction term where a one-tailed
test was used because it represents a directional hypothesis).

Tests of the effectiveness of our experimental manipulations showed that both treatments worked
as intended.13 Turning to the main experimental findings, table 2 displays the empirical results
from the analysis of respondents recruited via CivicPanel. As before, both treatments exhibit a
main effect on people’s stated switching behavior. Being in the experimental dissatisfaction
condition significantly increased respondents’ likelihood of switching. Similarly, being exposed
to a large number of alternatives increased people’s probability of switching. Both results are in
line with findings from the MTurk sample. Next we include an interaction term between both
treatment dummies. The inclusion of such an interaction term increased our models’ fit (the chi-
square difference between both models is statistically significant at a 10% level). Examining the
coefficient for the included term, we find that the combined effects of both treatments has a
statistically significant effect on subjects’ stated choice decision. Here, the standard errors of the
interaction term indicate a larger variation than what we found in the MTurk sample.
Nevertheless, when inspecting figure 3, which depicts the marginal effects of dissatisfaction on
switching contingent on the amount of choice available, a clear picture emerges. First we can see
that the marginal effects of dissatisfaction on switching is 0.85 for the low choice condition.
Moving to the high choice condition (0.76), the probability of switching decreases by 0.09. This
corresponds closely to the choice-overload effect of 10% points from the MTurk sample. We can
therefore conclude that, despite some variation in the identified effects between both samples, we
have found a highly similar choice-overload pattern in our replication experiment.
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Figure 3. Marginal effects of dissatisfaction on switching contingent on the amount of
choice available (civic panel; 90% confidence intervals).
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Discussion and Implications

This study used a survey experiment and direct replication to empirically examine an extended
choice-overload hypothesis in the context of a vital public service, electricity provision, where it
has not been tested before. In line with our theoretical predictions, we found that dissatisfied
individuals who were exposed to many alternative providers decreased their stated preference for
switching by 10% points. This effect is not only statistically significant but of potential
substantive significance as well, especially in the context of a large population of service users.
But before discussing the interpretation and implications of our findings for public services and
public management theory, it is important to point to some limitations of our methodology and
findings.

Although our study used rigorous experimental methods and two diverse national samples of
participants, it has important limitations related to our reliance in individuals’ stated preferences,
the hypothetical nature of the scenario, and the discrete nature of the treatments. First we
acknowledge that we cannot be completely confident that individuals’ stated preferences
necessarily translate into real life choices. Although there exists empirical work suggesting that
stated preferences within vignette experiments work remarkably well in recovering the effects of
individual’s revealed behavior (Hainmueller, Hangartner, and Yamamoto 2015), follow-up
studies are advised to cross-validate our findings in the context of real public service markets
where revealed behaviors can be examined more effectively. Moreover, we manipulated

dissatisfaction, in the sense of giving information about a service provider that would lead people
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to judge it unfavorably, but real failures of an actual public service may induce stronger feelings
and thus a greater motivation to switch. Alternatively, one could also argue that real-life
switching behaviors are stickier (because of the time and effort involved) than stating an
intention to switch in a survey experiment. As a result, choice overload may work differently in a
real public service market. In addition, we tested decision making with only two rather extreme
conditions, one with only a few providers and the other with a fairly large number of providers.
Of course, the effect of choice overload may well vary along the continuum that lies in between,
which probably describes many real-world public service markets in the United States and other
countries. Thus, it is unclear from these results alone how large the choice-overload effect would
be when a city with three providers added, for example, five more providers. It could be that this
type of more modest increase in providers would result in relatively little choice overload while
greatly expanding meaningful choices and (potentially) satisfaction. It would be useful to have
some dose-response experimental designs to probe the point at which choice overload becomes a
significant factor. We also acknowledge that the examined choice-overload effect is likely to be
heterogeneous across different populations. For example, in line with Clifton et al. (2011), we
may expect that so-called potentially vulnerable citizens as consumers (such as the elderly or
people with low levels of formal education) may be more prone to experience choice overload.
However, our sample is mainly composed of non-vulnerable citizens (young and affluent internet
users). Our study provided a first test of the internal validity of an extended choice-overload
hypothesis in the context of a core public service among a general population, which is a rather
conservative test given that we have a relatively low number of potentially vulnerable citizens
within our sample. It is possible that within a population of potentially vulnerable citizens as
consumers, the revealed choice-overload effect may be stronger (see also Jilke 2014). Future
studies should more effectively investigate whether disadvantaged segments of society are more
prone to experience such cognitive constraints within public service markets.

With these methodological caveats in mind, we believe our study still has several important
implications for public management theory and practice. Previous works in cognitive psychology
and marketing have conceptualized choice overload as a simple consumption decision. Our study
expands existing experimental works on choice overload by applying it to a public service
context of service failure through linking the theory of choice overload with models of citizens’
responses to decline in service performance. By doing so, it suggests that choice overload occurs
when people should exit poor performing providers. When too many service providers enter a
public service market, therefore, individuals who would benefit from switching from poor
performing providers remain stuck with their current provider. Choice overload, in this sense,
limits people’s ability to respond to organizational failure because of the cognitive biases they
face. Yet the ability of citizens to send market signals to poor performing service providers is
one of the key assumptions put forward by theories of public service competition. In response, it
is assumed that service providers would adjust their services to more closely match citizen’s
demands and preferences. But given the evidence of a choice-overload effect, doubts arise about
the extent to which a long-run equilibrium will be achieved between citizens’ preferences and
the quality of offered services. In addition, the results of this study highlight that increasing
provider choice in public service markets can potentially result in consumer inertia; this means
that public service users could become locked in to a suboptimal provider simply due to an
overload of choices. Put together, these findings stand in stark contrast with neoclassical
economic thought of individuals acting as rational utility maximizers. Here it needs to be noted
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that public sector reforms aimed at greater competition and choice have borrowed their
inspiration from exactly these theoretical frameworks. Thus our results suggest that theoretical
models of competition and choice in public service delivery need to take into account citizens’
bounded rationality and associated cognitive biases.

Our study has shown that reforms focused on introducing choice and competition into public
service delivery are susceptible to overly positive assumptions about citizens’ responses to poor
service performance. However, the question here should not be whether or not to increase choice
and competition in public service markets, but rather how to complement such an approach with
appropriate government policies to empower individuals to make those choices that best
maximize their welfare. For example, policy-makers may need to consider targeting their
policies to those specific users who do not switch because of choice overload. One way to do this
could be by providing guidance and advice during their choice process. Another possibility
would be to bypass the individual decision-making process by providing collective switching
schemes to citizens (see for example Department of Energy and Climate Change 2013). Here
municipalities would invite citizens to enroll in collective switching schemes. Municipalities
then select providers for the entire scheme on a tender basis. For citizens who encounter poor
services, the choice process would then no longer focus on selecting providers, but on whether to
enroll in such schemes, or not.

Appendix: Statistical Appendix

Table Al. Sociodemographic Characteristics of Study Participants (%)
MTurk Civic Panel
(N =1,154) (N =545) American Community Survey

Gender
Male 63.6 33.1 51.5
Female 36.4 66.9 48.5
Age
18-34 years 78.9 16.6 38.3
35-64 years 20.4 71.5 44.5
65 years or older 0.8 11.8 17.2
Income
25,000 USD or less 26.64 16.5 24.7
25,000-75,000 USD 49.39 55.1 43.4
75,000 USD or more 20.97 28.5 31.9
Race/thnicity
White (non-Hispanic)  77.90 81.62 67.0
Non-white 22.1 18.39 33.0
Region
Northeast 21.23 30.57 18.3
Midwest 20.71 18.6 21.7
South 33.45 31.86 37.0
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MTurk Civic Panel
(N =1,154) (N =545) American Community Survey
West 24.61 18.97 23.0

Note. American Community Survey data come from 2010 (US Census Bureau). In the
Civic Panel sample, 543 respondents provided information about their region of
residence.
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Figure Al. Example of the low provider choice set (for two experimental conditions).
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Pasznen C. TeMbl AJ11 HATHCAHUS MHHH-JICCE

Breibeputre omny wu3 mnpemioxkeHHbIX TeMm. (Ilokamyiicra, mpodyuTaiiTe BeCh CIHCOK TEpen
BbIOOpOM TeMbl). Pexomenayemblii 00beM MHHU-3cce 2-4 cTpanuubl ¢popmara A4, ne Gonee 5
CTpaHuL.

Cl. OxapakTepu3yiTe KOHIICTIIMIO U OCHOBHBIE TIOJOXEHHS TEOPUU HAYYHOTO
MeHnemkmenTa @. Teiopa.

C2. B uém 3aximrogaeTcss KOHIEHS «HacaIbHOro Oropokpara»y M. Bebepa?

C3. IlogpoOHO ONUIINTE OCHOBHBIE 3JIEMEHTHI «I1MpamMuab» A. Macioy.

C4. B yem 3aKiII04alOTCS OCHOBHBIC MPEUMYIIECTBA W HEIOCTATKH aJMHHHUCTPATHUBHOIO
yIpaBjeHUs B COOTBETCTBUM ¢ KoHUenuen /1. Banno?

C5. Kakue OCHOBHBIE KpUTEpPHM YIPABICHUS MPOAYKTUBHOCTHIO M KaueCTBOM ObLIN
npeioxensl M. Xonbuepom?

Pa311e.]1 D. TeMmbI1 OJd HAMMCAaHUA MUHH-ICCE

For your essay, please choose any one of the topics below (please read the whole list before
selecting a topic). Recommended scope of your essay is about 2-4 pages A4, not more than 5
pages.

D1. Describe the difference between public services and public functions.

D2. Describe three main models of e-government and give examples of implementation these
models in some countries.

D3. What are potential benefits from administrative decentralization in Russia — and what are
potential negative side-effects?

D4. What are the exogenous and endogenous conditions, which limit applicability of
strategic management in public administration?

D5. Why governments should support domestic companies in the process of integrations into
global market and how they can do it?
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IIpaBuibHbBIE OTBETHI HA TeCTOBBIE BONpockl (Pa3zmen A)

Bonpoc A1 — omeemwi: 1, 3, 4, 6;
Bonpoc A2 — omeemwi: 2, 5, 6;
Bonpoc A3 — omeemwi: 1, 5, 6;
Bonpoc A4 — omeemuwi: 1, 4;
Bonpoc A5 — omeem: 2;

Bonpoc A6 — omeemwi: 2, 3, 6, 8;
Bonpoc AT — omeem. 1;

Bonpoc A8 — omeemwi: 1, 4, 5;
Bonpoc A9 — omeemwi: 1, 4, 6, 9;
Bonpoc A10 — omgemul: 4, 6, 8;

Kenaem Bam ycnexos!

HaHHOHaJ’IBHBIﬁ HCCJ’Ie}IOBaTeJ’ILCKl/lﬁ YHUBEPCUTET «BpIcasi IIK0Ja YKOHOMHKH

23



