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B TYMAaHUTAPHBIX HAYKAX» KO/J - 310

Bpemsi BoinosiHeHus 3axanus — 180 MuH., A3bIK — PYCCKHIA.
l. OBLIASA YACTDb

Bomnpoc 1.
3amanue
HpO‘ITI/ITe IIOCT U3 6nora, IIOCBAIICHHOT'O aBTOMAaTHYECKOU o6pa60T1<e €CTCCTBCHHOI'O
s3pika(http://nlpers.blogspot.com/). CoctaBbTe KpaTKoe pe3ioMe 3TOrO IOCTa Ha PYCCKOM SI3bIKE
(o6vemMomMm B oamH ab3ail, HO He Oosiee 1000 3HAKOB), OTpa3MB B HEM OCHOBHOHM TE3HC aBTOpa
Iocra.
NLP as a study of representations
Ellen Riloff and | run an NLP reading group pretty much every semester. Last semester we
covered "old school NLP." We independently came up with lists of what we consider some of
the most important ideas (idea = paper) from pre-1990 (most are much earlier) and let students
select which to present. There was a lot of overlap between Ellen's list and mine (not
surprisingly). . The whole list of topics is posted as a comment. The topics that were actually
selected are here.
I hope the students have found this exercise useful. It gets you thinking about language in a way
that papers from the 2000s typically do not. It brings up a bunch of issues that we no longer think
about frequently. Like language. (Joking.) (Sort of.)
One thing that's really stuck out for me is how much "old school” NLP comes across
essentially as a study of representations. Perhaps this is a result of the fact that Al -- as a field --
was (and, to some degree, still is) enamored with knowledge representation problems. To be
more concrete, let's look at a few examples. It's already been a while since | read these last (I had
meant to write this post during the spring when things were fresh in my head), so please forgive
me if | goof a few things up.
I'll start with one | know well: Mann and Thompson's rhetorical structure theory paper from
1988. This is basically "the™ RST paper. | think that when a many people think of RST, they
think of it as a list of ways that sentences can be organized into hierarchies. Eg., this sentence
provides background for that one, and together they argue in favor of yet a third. But this isn't
really where RST begins. It begins by trying to understand the communicative role of text
structure. That is, when | write, | am trying to communicate something. Everything that | write
(if I'm writing "well") is toward that end. For instance, in this post, I'm trying to communicate
that old school NLP views representation as the heart of the issue. This current paragraph is
supporting that claim by providing a concrete example, which I am using to try to convince you
of my claim.
As a more detailed example, take the "Evidence" relation from RST. M+T have the following
characterization of "Evidence." Herein, "N" is the nucleus of the relation, "S" is thesatellite
(think of these as sentences), "R" is the reader and "W" is the writer: relation name: Evidence
constraints on N: R might not believe N to a degree satisfactory to W constraints on S: R
believes S or will find it credible constraints on N+S: R's comprehending S increases R's belief
of N the effect: R's belief of N is increased locus of effect: N
This is a totally different way from thinking about things than I think we see nowadays. | kind of
liken it to how 1 tell students not to program. If you're implementing something moderately
complex (say, forward/backward algorithm), first write down all the math, then start
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implementing. Don't start implementing first. | think nowadays (and sure, I'm guilty!) we see a
lot of implementing without the math. Or rather, with plenty of math, but without a
representational model of what it is that we're studying. The central claim of the RST paper is
that one can think of texts as being organized into elementary discourse units, and these are
connected into a tree structure by relations like the one above. (Or at least this is my reading of
it.) That is, they have laid out a representation of text and claimed that this is how texts get put
together. As a second example (this will be sorter), take Wendy Lehnert's 1982 paper, "Plot units
and narrative summarization." Here, the story is about how stories get put together. The most
interesting thing about the plot units model to me is that it breaks from how one might naturally
think about stories. That is, | would naively think of a story as a series of events. The claim that
Lehnert makes is that this is not the right way to think about it. Rather, we should think about 3
stories as sequences of affect states. Effectively, an affect state is how a character is feeling at
any time. (This isn't quite right, but it's close enough.) For example, Lehnert presents the
following story: When John tried to start his care this morning, it wouldn't turn over. He asked
his neighbor Paul for help. Paul did something to the carburetor and got it going. John thanked
Paul and drove to work.

The representation put forward for this story is something like: (1) negative-for-John (the car
won't start), which leads to (2) motivation-for-John (to get it started, which leads to (3)
positivefor-John (it's started), when then links back and resolves (1). You can also analyze the
story from Paul's perspective, and then add links that go between the two characters showing
how things interact. The rest of the paper describes how these relations work, and how they can
be put together into more complex event sequences (such as "promised request bungled™). Again,
a high level representation of how stories work from the perspective of the characters.

So now I, W, hope that you, R, have an increased belief in the title of the post. Why do | think
this is interesting? Because at this point, we know a lot about how to deal with structure in
language. From a machine learning perspective, if you give me a structure and some data (and
some features!), I will learn something. It can even be unsupervised if it makes you feel better.
So in a sense, | think we're getting to a point where we can go back, look at some really hard
problems, use the deep linguistic insights from two decades (or more) ago, and start taking a
crack at things that are really deep. Of course, features are a big problem; as a very wise man
once said to me: "Language is hard. The fact that statistical association mining at the word level
made it appear easy for the past decade doesn't alter the basic truth. :-)." We've got many of the
ingredients to start making progress, but it's not going to be easy!

I1. CIEHUAJIBHAS YACTD
Buvibepume u evinonnume moabko 00UH u3 0J10K08 3A0AHUII CHEYUATNbHOU YaAcmu 6
cOOmeemcmeuu ¢ 6blOPAHHOIL 6AMU RPOZPAMMOIL MAUCMEPCKOLL ROO2OMOBKU .

Bonpoc 2. (BapuanTt s HanpasJienust “KoMnboTepHasi TMHIBUCTHKA”)

Pemnre 3apauy.

B andasute s3pika miuemenu YbBIY Bcero ase Oyksol: Y u bl, mpudyem 3ToT s3bIK 0Onamaer
TaKUMU CBOWCTBaMHM: €CIIM U3 CJIOBA BBIKMHYThH CTOsIIIUE psioM OykBbl YbI, To cMbICT ciioBa He
M3MEHUTCS. TOUHO Tak e CMBICI CJIOBa HE U3MEHUTCS MpH J00aBICHUH B JII000€ MECTO CJIOBa
oykBocoueranust blY unu YVYbIbl. Moxuno nu yrBepxkaars, uro cioBa YbIbl u bIYY umeror
OJIMHAKOBEIA CMBICIT?

Bomnpoc 2. (BapuanT nis1 HanpaBJieHus1 “L{u¢poBbie MeTOABI B T'YMAHUTAPHBIX HAYKAX)
3amanmue.

BbI ¢ koMaH/100 € AMHOMBINIIEHHUKOB PELIMIIN C/IeNIaTh MNIyOOKO pa3MEUeHHbIN KOPITYC PYCCKUX
POMaHOB Ul KOJMYECTBEHHBIX HCCIEIOBAHUN ATOTO KaHpa (B CHUHXPOHHUU M JIMAXPOHUU).
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HanumuTe noapoOHblii miiaH Takoro McciaeloBaHus. B MiaH Hy)XKHO BKIIIOYHTH HH(POPMALIUIO O
TOM:

—Kak OyaeT coOupaThesi KOPIYC, KaKhe JaHHbIE U OTKY/a BBl INIAHUPYETE TOTYYHUTh,

—KaKUe KOMIIbIOTepHbIE MHCTPYMEHTHI MPHUAETCS HAWTH WM pa3paboTarh g cOopa 3TOro
KopIryca

—KaKyl0 pa3MeTKy BBl CHeJaeTe B 3TOM Kopmoyce? MpOsSBUTE MakcUMyM (aHTa3uu u
MPEJIOKUTE KaK MOKHO OOJIbIIIE YPOBHEU pa3MEeTKU

—KaKUe KOMIbIOTEPHbIE MHCTPYMEHTHI, TEXHOJOTHMHM MPHUIETCS HAaWTU WM pa3padoTarh Ass
ocyuiecTBiaeHus pa3MeTku. C 4eM BO3HUKHYT CI0KHOCTU?

—Kakhe KOJMYECTBEHHbIC HCCIEAOBaHUS (CHHXPOHHBIE M JUAXPOHUYECKHE) MOTYT OBbITh
IIPOM3BENIEHBI HA OCHOBE Ballero kopmyca. YTo HOBOro OHU pacCKaXKyT O pycCKOM poMaHe?
—MOXETe JU Bbl MPEANOJOKUTh, B KaKUX HaNpaBICHUSIX BO3MOXKEH Iepexoi OT
KOJMYCCTBCHHOI'O aHaJIn3a K UHTCPIPCTALlUH.

Bo3MokHBI 1 KpOCC-KYJIbTYpHBIE UCCIIEIOBaHMS C IPUMEHEHHEM Bailero kopmyca? Ecnu ga —
Kakue?

Bomnpoc 3 (BapuanTt nis nHanpaspiennsi “KomnborepHasi JUHIBUCTHKA)

3aganue

[Tepen Bamu oH-naliH cuctema “no3apasiasTop”’. OHa COUMHAET MOITUYECKUE MO3/PABICHUS 110
3arpocy moJib3oBaTess. JJjist Toro 4To0Obl cucTeMa BbIaia OPUTHHAIBHBIN CTUXOTBOPHBIN TEKCT,
[OJIb30BaTENb JIOJDKEH BBECTH OIPENENIEHHYI0 HH(OpMaluio: UMs, I0JI, BO3PACT, CIOCOO
oOpamieHus (Ha Tl WIM Ha Bbl) K IMEHUHHHUKY, METPUYECKHUE XapaKTEepUCTHKHU. B pesynbrare
paboTBl CHUCTEMBI IIOJIb30BATENb IOJYYaeT OCMBICICHHBIH, T'PaMMAaTHYEeCKH IPaBUIIBHBIM,
PUTMUYECKH OpPraHW30BaHHbBIN U pU(MOBAHHBIM TEKCT, COJEpXKalliil B cebe Mo3JIpaBieHUE C
THeM pokaeHus. HecMoTps Ha TO, 4TO KaXIblii pa3 CHCTEMa BBIAAET HOBBIE CTHXH, BCE
OpeablAyIIie HaKaljauBaloTcs B OaHK JaHHBIX, U UX MOYKHO IocMoTpeTb.Bamia 3amaua kak
KOMITBIOTEPHOTO JIMHTBUCTa — pPa3padoOTaTh METOAOJIOTHI0 TECTUPOBAHHS KadecTBa pabOTHI
JUHTBUCTUYECKMX MOJyJed cucreMbl. B omMcanum Bameil MeTOJOJOTHMHM JOJDKHBI OBITh
OTpa’KeHBI OTBETHI HA CIIETYIOIINE BOTPOCHI:

1) Kakue nmMeHHO (yHKINH, CBSI3aHHbBIE ¢ 00pabOTKOM U reHepaleil TeKCTOB Ha

€CTECTBEHHOM S3bIKE, BYKHBI JUISI TIPeIIaraeMoro cepBuca u nodemy? Kakue u3 HuUX abCONMIOTHO
HEOOXOIMMEI, a 0€3 KaKMX MOXKHO O0OHTHCE?

2) Kakum oOpa3oMm KayecTBO pabOThl 3THUX (QYHKIUI MOXeT ObITh mnporecTupoBaHo? Yrto
JIOJDKHO OBITH MPETyCMOTPEHO B CHUCTEME, /ISl TOro 4troObl Oblia obecreyeHa BO3MOKHOCTh
TaKOTO TECTHPOBAHMUSI?

3) Kakoii morzna Obl ObITH cHcTeMa pPEHTHHroB (wmTpadoB, OaUIOB M T.I.) U1 pasHbIX
JMHTBUCTHYECKUX PYHKINH? Kak MmosyduTs 1 HHTEPIPETUPOBATH PE3YITBTUPYIONIYIO

OLIEHKY KaueCTBa JIMHIBUCTUYECKON CUCTEMBI B 11€TIOM?

Bonpoc 3. (Bapuant s nHanpajenus “IL{udgpoBbie MeTOIbI B TYMAHUTAPHBIX HAyKax”)
3aganue.

CoBpeMeHHbIE TH(POBBIE TyMaHUTApHBIE WCCIEAOBATEIN ITOCTOSHHO 3aWMCTBYIOT HOBBIC
TEXHOJIOTUM M TPUMEHSIOT HuX s cBoux wenedd. Tak B Digital Humanities npunum
KOPITyCHbIE/KBAaHTUTATUBHbBIE METO/IbI aHAJIN3a TEKCTOB, CETEBOI aHAIN3, TeOUH(OPMAIIIOHHBIE
CHUCTEMBI, MAalIMHHOE OOy4YeHHE, KOMMBIOTEpHOE 3peHHue. Bribepure m100yH0 COBPEMEHHYIO
TEXHOJIOTHIO (M3 MEPEUYMCICHHBIX — WM MHYI0) M ONUIIMTE KaK MOXHO Oojiee MoapoOHO
HECKOJIbKO TPUMEPOB HCCIEeI0BaHUM, KOTOpPhIE MOXHO OCYHIECTBUTH C €€ nmomomibio. Kakue
HOBBIE  HayudHble  pe3yJabTaThl  MOXET  JaTb  NPUMEHEHHE  3TOM  TEXHOJOTUHU?
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IIpumepbl NPpaBUJILHBIX 0TBETOB

3aganue 1.

ABTop Ojora u3jmaraeT HEKOTOPHI HOBBIM B3IUIAJ Ha OOPa0OTKY €CTECTBEHHOTO S3bIKa
(naturallanguage processing). OH 3akirouaeTcsi B 0OpaIlIeHuH K UAesiM, KOTOPBIE IIAPUJIN B dTOU
00JacTH HECKOJIBKO JecATUIeTUN Hazal. M ocHoBHas u3 Hux npeanaraer paccMmarpusatb NLP
KaK M3Y4€HHUE SI3bIKa CKBO3b MIPU3MY €r0 «IpeACTaBICHU», cXxeM. B kauecTBe mpuUMepoB TaKUX
cxeM aBTop mnpuBoAuT Teoputo putopuueckux crpykryp (TPC) YV.Mauna u C.Tomncon u
paboty o cTpyKType pacckaza B.Jlenxapr. Teopuss pUTOPUYECKHX CTPYKTYp, CTPEMSICh
pacKpbITh KOMMYHHMKaTHBHYIO pOJIb OpraHU3allud JUCKYpCa, IHPEICTaBIIET TEKCT Kak
HEepapXUUECKU OPTraHU30BAHHBIN CIHCOK § 3JEMEHTApHBIX JUCKYPCUBHBIX €IUHUIl. A B paboTe
Benau Jlenxapt npeuiaraercss HOBbIM B3IJIs[ HA YCTPOMCTBO paccKas3a: B €€ MHTEPIPETALIMU OHO
npencTaBisier co0oil He Yepeay COOBITUI, a HEKOTOPYIO MOCIEI0BATEIbHOCTh SMOIIMOHATIBHBIX
cocTosHU# TepoeB. Ee Teopus moukpemisieTcss pa3padOTKON CXeMaTH4eCKOTO MpeICTaBICHUS
CTaHJapTHOU CTPYKTYphI paccka3a. ABTOp CTaThbU MpeiJiaraeT NPUMEHHUTh TaKOW MOAXOI U B
HOBOU cdepe — B o0nacTh aBTOMaTtudeckoir o0paboTku ecrectBeHHoro s3bika (NLP). Ilo ero
MHEHUIO, HCIOJb30BAaHHE JTOTO OMbITa MNPEABIAYIINX HCCICIOBAHUN IMO3BOJIUT JOCTUYb
OIIpEIeNIEHHOr0 Nporpecca B JaHHOM 001acTu.

3amanmne 2.

[Tpu mro0oii paspenieHHOM HaM onepauuu J00aBiIeHUS WM BBIKMIBIBAaHUS KyCKa CJIOBa
kosinyecTBa OykB Y u bl B 3TOM Kycke paBHBI. DTO 03HAYAET, UTO PA3HOCTh MEX/1Y YUCIOM OYKB
VY u O0ykB bl B crioBe HEe U3MEHSIETCS. DTO MOXKHO MPOCIICANUTh Ha IIPUMEPE

bl -> bIbIY -> bIYVBIbIbIY -> bIVBIbIY

Bo Bcex atux cinoBax 6ykB bl Ha oy Oosbiie, uem OykB Y. BepHemcs k pemienuto. B

cinoe YbIbI paznocte paBna (-1), a B cioBe bIYYVY pasua 1. 3nauut, u3 cioa YbIbl nenb3s
pa3pellieHHBIMH OIEpalUsAMU NOJNY4UTh ci10BO bIYY, n cienoBaTenbHO, HENb3sl yTBEp)KIaTh,
YTO 3TH CJIOBA 0053aTEIBHO UMEIOT OJMHAKOBBIA CMBICI.

3ananmue 3.

1. [TongoOHas cuctema Moriia Obl OBITH YCTPOEHA CIIEIYIONIUM 00pa3oM.

E€ ocHoBO# Moryn Obl cTaTh M1a0JI0HBI — TOTOBbIE KOPOTKHE CTUXHU C MPOIMYCKaMH, B KOTOpbIE
OyIoyT BCTaBIATHCS JaHHbIE, IMOJY4YEHHbIE OT TMOJb30BaTeNs (Hampumep, oOpalleHue K
UMEHMHHUKY). Hy)XHBI 3aroToBKM I1a0JIOHOB Ha pa3Hble METPHUUECKUE XapaKTEPUCTUKU (deM
Oonbiie mabgoHOB OyaeT MOJATOTOBJICHO A KaXKIOro THUIIA METPUKH, TEM pa3HOOOpa3Hee
OyAyT MONy4aThCsl MO3JPABICHMSI, HO AT MHUHHMAJIBHOTO BapUaHTa CUCTEMBI JIOJKHO OBITH
JIOCTaTOYHO M OJHOro 1ma0jioHa Ha MeTpuKy). UtoObl (opmbl 11 CTHUXOB MOTIJIHU
«IIPHUCTIOCA0NIMBATECSA» TOJ JIaHHbIE, BBOJAMMBIEC I10JIb30BATENIEM, HEKOTOpblE MO3UIMU B
11a0JI0HaX JIOJIKHBI OBITh «IIOJIBUKHBIMHUY, T.€. TOJKHBI NOJIpa3yMeBaTh BOZMOKHOCTh 3aMEHBI
OJTHUX DJJIEeMEHTOB Ha Jjpyrue. Hampumep, B ManeHbkoM (parMeHTe 3aroTOBKH
«Jloporas , Hety 1e0s kpame !» gomkHa OBITH YYTE€HAa BO3MOXKHOCTH 3aMEHBI TIEPBOTO
npusIaraTeIbHOro Ha APYyroe, B 3aBUCUMOCTH OT UIMEHHU, KOTOPOE BBOJIUT I10JIb30BATENb, CP.:

(1) Hoporast Mama, Hety Te6s kpare!

(2) Munas Harama, Hery te6s kpaie! (

3) Hoporoii Ham Cama, Hery Te0s kpare!

st Toro, uToOBI MOJ0OHBIE 3aMEHBI OBUTH BO3MOXHBI, HEOOXOIUMO CO3/1aTh CIOBaph C 0CO0O0M
CTPYKTYpOil. B HEM HOKHBI XpaHUTHCS CIIOBA-3aMEHBI JIBYX THIIOB: Pa3HOTO poJia MHUTETHI, T.€.
npujiaratejabHble, U KOPOTKHE CJIOBA, KOTOPbIE MOTYT YBEIUYMBATh KOJMYECTBO CJIOTOB B
CTpPOKE, CYIIECTBEHHO HE MEHsSI CMbICIIA, BPOJI€ YCUIUTEIbHBIX YACTUIl TUIIA YK, MECTOMMEHUI
THIA ThI, Hall, Cp. IPUMEP BbIIIE WIM BapuaHT «Jloporoil Tel Ham Bragumup». Bo3moxHO,
OCMBICJICHHBIM OyJIeT U BKJIFOUEHHE HEKOTOPBIX IJIarojioB, B3aMMO3aMEHSIEMbIX B CTUXOTBOPHBIX
no3apaBieHusX (cp. obokaem/yBakaem). B crmoBape e MOJDKHBI OBITh YKa3aHbl PEJICBaHTHBIE
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JUIS HAcC XapaKTePUCTUKU CJIOB-3aMEH: B IEPBYIO OdYepelb, KOJIMYECTBO CJIOIOB U MECTO
yaapeHus. Moryr Takke XpaHHUTbCS OTAENbHO pa3Hble (OpMBI OJHOTO U TOTO XKe
npujaraTeIbHoro, YTo0bl (POPMbI €AMHCTBEHHOTO MM MHOYKECTBEHHOTO YHCIa, MYKCKOTO N
JKEHCKOT0 pojia ObUIM 3aJaHbl M3HAYAJIILHO B CJIOBape — B TaKOM CIydae MOXHO OyAeT He
UCIIOJIb30BaTh B Halel cucteme MopQojorudeckuii Moaynb. Ecim ke BCE-Taku BKIOYATh B
cuctemy ¢parmMeHTbl MOP(HOJIOrHYECKOr0 MApCUHTa U TPaMMATUYECKUX IMPABUI MOCTPOCHUS
cioBoopM, TO mpuAETCS M00aBUTH €€ PAd MOAYJEH: TaK, HY)KHO OyAeT aBTOMATUYECKH
OTIpEeIeIIATh KOJMYECTBO CJIOTOB B OOPa30BaHHBIX CIIOBOQOpMAxX (YTO, B MPHUHIIMIIE, TOBOJIBHO
IIPOCTO) U MECTO YyAapeHHUs (YTO CJIOXHEE, YYUTbIBas IMOJBUKHOCTh YIApEHHUS B PYCCKOM
a3bike). BepoaTHO, B JaHHOM cllydae palMOHalbHEEe XPAaHUTh MH(OPMALMIO B TOTOBOM BHUJE B
ciioBape, TeM 0oJee, 4To A M1a0JIOHOB OYAET HYKHO BCEro ABe-TPH (OPMBI OJHOM JIEKCEMBI, a
He Bcs mapaaurma. [lomumo cioBaps cloB-3aMeH, HY)KHO cO3JaTh clioBapb UMEH. B
IpOCTEHIIeM Cilydae OH OyJeT BBITJISAETh KaK TPOHKa M3 MMEHH, KOJIWYECTBA CIOTOB M MECTa
yaapeHus (KOJUYECTBO CJIOrOB MOXKHO HE BKJIIOYATh B CIOBapb, a CUATATh aBTOMaTH4yecku). B
IPUHLINIIE, 3TOr0 OyJIeT JOCTaTOYHO JUIsl BHIOOpa MpPaBWIBHBIX CIIOB-3aMEH: yKa3aHUE Ha IOJ
MO3BOJIUT BBIOpATh MpaBUIIbHYIO (OPMYy MpPHIATaTeIbHOr0, a BBEIEHHOTO IOJIb30BATEIEM
UMEHU OyJeT J0CTaTouyHO s oOpamieHus (M3MEHATh (GOopMy HMMEHH COOCTBEHHOTO
HeoOxoaumoctu He Oyner). MHdopmanmio o moje yenoBeka, KOTOPBI MOXKET UMETh JIaHHOE
UM, TOITyCTUMO HPUKPEIUISATh K CIOBY cpa3y B cjoBape. XpaHSIIUECs B CUCTEME IIa0JIOHBI
JOJKHBI OBITH pacKiIacCU(UIIMPOBAHbI ONMPEAEICHHBIM 00pa3oM: a) MO BO3pACTy, Ha KOTOPBII
OHM pACCUYUTAaHbl (B 3aBHCUMOCTH OT O3TOTO B KOHCTAHTHBIX, HEM3MEHSAEMBIX YacTsX
CTUXOTBOpPEHUSI OyIyT COIEP>KAThCS pa3HbIC MOXKEJIAaHUA — KOH(PET U MOPOXKEHOTO PeOeHKY,
JOJTUX JIET >KU3HHU B3pOCIOMY 4YesoBeKY) O) Mo moiy (OmsThb-TaKd, pa3Hble MOKETaHWs AJs
JKEHIIUH U MY>KYUH) B) 1O Croco0y oOpallleHus. T) M0 TUILy METPUYECKON CHCTEMBI (KaK yKe
ObUTO yKa3aHo BhIIIE) Takum 0Opa3oMm, JaHHBIEC, BBEJCHHBIC MOJIb30BATENIEM, YUUTHIBAIOTCS Ha
JBYX dTamnax MopoXkJIeHUs TeKCTa: CHayala mpu otoope mabaoHa, a MOTOM MIPH €r0 «IOJATOHKE)
noJ MMs IYyTEM MAaHUIYJUPOBAHUS CJIOBaMU-3aMEHaMU. Takasi opraHu3alus CHCTEMbI
(reHepanMs TOJNBKO BEpXHEH CTPOKH) TMpeArojaraeT HaJIW4YMe JIOCTaTOYHO OOJIBIIOrO
KOJIMYECTBA 1Ia0JIOHOB M BEChbMa OTPaHUYEHHBIM MPOCTOP Ui aBTOMAaTHYECKOTO MOPOKIACHHUS
TEKCTa. 3aTO OHA MPOCTO YCTPOEHA, YTO XOPOILO, KAK MUHUMYM, B JBYX acIEKTax: a) cUcTeMa
ObicTpee paboTaeT 6) MEHbBIINE BEPOSTHOCTh OMMUOKKM MOXKHO OpPraHM30BaTh PabOTy CHUCTEMBI
HECKOJIbKO HHBIM CIIOCOOOM, cenaB e€ Oosee aBTOMAaTU3MpPOBaHHOW. B mabimone MoxHO
OCTaBJISATH OoJibllle  CBOOOJHBIX MMO3ULUN (KOTOpBIM, Hampumep, OyayT 3aroJHSThCS
npusaraTeIbHbIMU, CIIydaifHO BBIOMpPAaeMbIMM U3 HEKOTOPOIO 3aKPBITOIO MHOXKECTBA JIEKCEM).
MoxkHO OCTaBUTH IPOOEI /1711 BHIOOpAa HOMUHAIIUU, HAIPUMED, JIC€BOUYKA/ACBYIIIKA/ /KEHIITHHA (CP.
Tel nydimnass JeBOYKA/IEBYLIKA/)KEHIIMHA B MHUpeE, NpUUYEM BBIOOP OyaeT OCYLIECTBIATHCS
coriacHo uHGpOpMaluu, yKa3aHHOW B rpade Bo3pacT). MOXKHO aBTOMAaTH3UPOBATH BHIOOD
npaBWiIbHOI (hopMmbl rinarona (cp.: Yto6 Bel 6buM cuacTiuBsel Vs. UTOO ThI Obla CUACTIMBA VS.
Uto0b! THI OBIT cHacTiuB; panyd vs. pagyite). Ilpu stom, omsaTh ke, B MOp(oIOrnueckoM
aHaM3aTope HEOOXOIMMOCTH HEeT: B JIaHHOM CIlyyae MOXHO 3a/aTh YCJIOBHsS BbIOOpa
MPaBUJIbHON (POPMBI C MOMOIIBIO MPOCTHIX MPaBHJI, HAIPUMEP: OCTaBUTh B CTPOKE CBOOOJHbBIE
MecTa /IS MOACTAaHOBOK (YTOO0  OBII_ CHYACTJIMB_ ); B 3aBUCHMOCTH OT TOTO, KaKue JTaHHbIE
BBEII MOJTH30BATENb, 3aMOTHATH MPOOEIhl (BApHAHTOB B KAXKJIOM Cirydae OyneT He Oojee Tpéx).
MOoHO Jtake MOJAKIIOYUTh K paboTe CUCTEMBbl CEMAaHTHMUYECKHI KOMIIOHEHT: OH OyAeT CBs3aH,
HanpuMep, C BBHIOOPOM  MpHJIAraTelbHOTO, COOTBETCTBYIOIIETO MOy U  BO3pacry
no3zapasisemMoro. Tak, HanmpuMmep, K KEHIIMHE MPUMEHUM SIUTET HEXHBIH, a K MYXYMHE —
cKopee, HeT. OTy HHPOpMAIMI0O MOXHO TakKe yKa3aTb B CJIOBape, HE HaJCTpauBas
JIOTIOJTHUTEIIBHOIO CEMAaHTHUYECKOT0 MOJYJs. B CHHTakcHdeckoM Mojayle cucTeMa HY>KAAaThCs
He Oyner: paboTy CHHTAKCHMYECKOrO aHaju3aTopa BBIMOJHAIOT 3apaHee CPOPMHUPOBAHHBIE
mabsons! (cp. mpuHUMN pabotbl I'pammarukn KoHcTpykumii, rae ans Kaxaoil nepeMeHHOH
KOHCTPYKIUHU €CTh KOHKPETHbIE TPeOOBaHUS MO €€ 3aI0JTHEHHIO).
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2. Urobbl mpoTECTUPOBATh CHCTEMY, JOCTAaTOYHO 33JaTh HEKOTOPOE KOJHYECTBO 3alpoCoB
(3amaBast pa3nMuHble KOMOMHAIMK [TapaMeTPOB) U OLIEHUTh T€HEPUPYEMbIE €10 CTUXOTBOPEHHUSL.
Jist 5TOr0 HeoOXOAMMO, YTOOBI CHCTEMa TIO3BOJISIIA JIENaTh OOJIBIIOE KOJIMYECTBO 3alPOCOB 32
KOPOTKHUH TNPOMEXKYTOK BpeMeHU. B kauecTBe Kopmyca MOpPOXKIEHHBIX CTUXOTBOPEHUH IS
aHamM3a KadecTBa pabOThl CHCTEMBI MOXKHO HCIHOJB30BaTh OaHK JAHHBIX, B KOTOPOM
HAKaIlJIMBAIOTCS BCe co3JaHHble cucteMoil ctuxu. 3. KauecTBo pabOThl CHCTEMBI MOYKHO
OLICHUTbH, HAIIPHUMEP, CIACAYIOMNUM 00pazoM. MOKHO 3a7aTh psij apaMeTpoB (B JAHHOM cliydyae
TaKUMHU ITapaMeTpaMu-KpUTepusiMu OyayT rpaMmatuyeckas (Mopdonoruueckas) npaBuiIbHOCTb,
COOTBETCTBUE BHIOPAHHON METPHKE M, BO3MOXKHO, CEMaHTHUECKasl a/leKBaTHOCTh) M OI[CHUBATh
KKIBIH MapaMmeTp mo nsaTudauibHoM mkane. Kaxagomy napameTpy MOXKHO MPUCBOUTH CBOM BeC
(B 3aBUCHMMOCTM OT TOIO, KAakOoW KOMIIOHEHT Mbl cuuTaeMm Oojee cylecTBeHHbIM). 11 B
pe3ynbTaTe MBI MOJIYYUM YHCIIO, TOCUMTAHHOE Mo cienytomeid ¢opmyne: £Ok*nk , rme Ok —
OLIEHKa MO JaHHOMY KpHUTEpHIo, a nk — Bec JaHHOrO KPUTEpHs. DTO YUCIO MOXXHO CUHTATh
OLICHKOM pabOThl CUCTEMBI.

MeToauueckue PEKOMEHIAUH

Omuvmnmana mo HampaBieHusM «KommbroTepHass nuHTBHCTHKA» W «lludpoBbie METOIBI B
TYMaHUTApPHBIX HayKax» IPOBOJUTCS C IMEJIbI0 KOHKYPCHOTO OTOOpa Ha OJIHOMMEHHBIC
Marucrepckue mporpammbl. OCHOBHas Ielb MNPOrpaMMbl — IOATOTOBKA JIMHTBHCTOB,
BJIAJICIOIIAX TCOPETUYCCKUMHU 3HAHUSAMHU O CTPYKTYpe U (PYHKIIMOHHPOBAHHH E€CTECTBCHHOTO
S3bIKA, BJIAJICIONIUX METOJAaMH W PEHICHHS 3a7ad C MOMOIIbI0 TEXHOJOTHH aBTOMATHYECKOU
00pabOTKH SI3bIKA, CIIOCOOHBIX YYacTBOBATh B CAMBIX COBPEMEHHBIX IMPOCKTaX, CBA3aHHBIX C
SI3BIKOBBIMU TEXHOJIOTHSIMHU, & TAaK)KE€ CAMHM WX CO3J1aBaTh, (OPMYIUPOBATH HOBBIC 3a7a4d U
npe/Iarath aITOPUTMBI UX PELICHUS.

OnuMnuana mpenmnojaracT TPH 3aJaHUS: JIOTMYECKYIO 3a1ady, TBOPYECKOE 3a/JaHue B
dopmare,KkpaTKoe OT3bIB M PE3IOME TEKCTa Ha aHIIIMICKOM si3bike. Bpemsi Hamucanust paboThl —
Tpu 4aca. OCHOBHBIM TPEAMETOM OIEHKH IS MEPBOTO 3aJaHHs (JIOTMUECKOW 3aaaun) Oyner
SBIIATHCS YMEHUE JIOTHUECKH MBICIUTh M BBIIBUTaTh apryMEHTHPOBaHHbBIE JI0Ka3aTenbcTBa. J{is
BTOpOH 3a/71auu Oy/IeT BaXKHO 3HAKOMCTBO C COBPEMEHHBIMH TOJXOJaMH K PEIICHUIO 3a]1a4 B
00JacTl KOMIBIOTEPHON JTUHTBUCTUKH, C MPUHIMIIAMHA TECTHPOBAHHUS U OLIEHKH, BHUMaHHE K
SI3BIKOBBIM CBOMCTBAM pacCMaTPHUBACMBIX SIMHUIl U KOHCTPYKIHA. Takke OyaeT BaKHO YMEHUE
dbopMynupoBaTh XOJ PAaCCYXICHHUS U HAXOIUTh OPUTHHAIBHBIC PEIIEeHUs, YMEHHUE SCHO U
apryMEHTUPOBAHHO H3JIOKHUTh CBOM MBICIIH, TTOCTPOUTH TEKCT, HE COJEPIKANIUi BHYTPEHHUX
npotuBopeunii. OO0beM TepBOrO 3aJaHusl HE OrpaHudyeH. B TpeTebeM 3amaHun Oyzaer
OIICHUBATHCSI TOYHOCTH 1 KOPPEKTHOCTH PE3IOME aHTITMICKOTO TEKCTa, UMEIOIIETO CIICIHATHHYIO
npobiieMaTuky. B pestome momkHa OBITH YETKO M3JI0KEHA MO3UIIMS aBTOpa MO OTHOUICHHIO K
00cyXk1aeMoMy BOIIPOCY, a Takxke chopMyaupoBaHa COOCTBEHHAsI TIO3UIUS aBTOPA PE3IOME.

OLICHUBACMbBIC HABBIKHU KpUTCPUH OLCHKU OaJIbl

3amaunue 1

TOYHOCTH M3ITOKCHHUS COACPIKAHUA TCKCTA, aHAIn3a
CO,Z[Cp)KaTCJ'ILHaH TOYHOCTDb MMPCAOCTABJICHHBIX JAHHBIX, aICKBATHOCTDH 0-15
MMPCACTABICHUA aBTopCKOI\/’I IMO3UITHNH

JlormgHOCTE 1 KpaTKOCTb U3JIOKCHUA,

. 0-10
c(hOpMyIHPOBAHHOCTH COOCTBEHHOW MO3UIH aBTOPA,

KauectBo pe3tome/oTBeTa
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OTCYTCTBHE IPYOBIX CTUITUCTHYECKHUX, TPAMMATHYECKUX U
opdorpadpuyeckux ommoOoK

3a7aHue 2

CrocoOHOCTh K JIOTHYECKOMY
pacCyXJICHUIO

3amanue 3

HOJIHOTa, APpTrYMCHTUPOBAHHOCTD,

HETPOTUBOPEYUBOCTD, CTPYKTYPUPOBAHHOCTD
ApryMeHTUpOBaHHOCTb U P p > CTPYKTYPHP

000CHOBaHHOCTb U3JIOKECHUS
yOeIuTEIbHOCTh IPUBECHHBIX IPUMEPOB,

000CHOBAHHOCTH BBIBOJOB

[Tonnmanue kpyra npodJieM Kelica, BblIEIEHNE
[Tonnmanue npobJeMaTUKY, | JIMHIBUCTUYECKUX KOMIIOHEHTOB IIOCTaBJIEHHOH 3a/1a4H,

N 0-20
TBOPUYECKUN TTOJIXO]T CTPYKTYPUPOBAHHOE TIOHUMAaHUE KpyTra Mpooiem,
OPUTMHAJILHOCTh PEIICHUH,
[TotHOTa OTBETOB Ha KIIFOYECBBIC BOTIPOCHI, HATUIHE
CopeprkarenbHast OJTHOTA .
Texcra BHYTPEHHEH CBS3U MEXIYy OTBETaMHU Ha BOIIPOCHI, 0-15
yOeIUTEeIIbHOCTh BHYTPEHHEH CTPYKTYPHI paOOTHI
OtcyrcTBHE IPYOBIX CTHIIMCTHYECKUX, TPAMMATHYECKUX
CrunmucTyuka 1 rpaMOTHOCTh YT py - TP 0-5

u opdorpapuieckux ommudoK

Hroro: makcumainsao 100 0amtoB

IlepeyeHnsb U copepxkaHue TEM OJUMITHATAHBIX COCTA3ZAHMM:

1. YpoBHH 00pabOTKHM JIMHIBUCTHYECKON MH(POPMAIINH:- TOKEHU3ALUs,
- TeMMaTtu3anus (CTEMMUHT),

- MopdoorudecKas,

- CHHTaKCHYecKas,

- CeMaHTHYECKash pa3MeTKa,

- TU3aMOuTyaIus.

2. OCHOBHBIE HAMPABJIEHUSI KOMITbIOTEPHOW JTMHTBUCTUKH:- MAIIMHHBIN MIEPEBOI,
- pedepupoBaHue TEKCTA,

- aBTOMAaTH4YeCcKasi TeHepaIus TEKCTa,

- u3BNeueHue qaHHbpIx (Opinion mining, data mining),

- KJTacTepu3aIus TeKCTOB.

3. OCHOBHBIE PECYPCHl U KOMIBIOTEPHBIE HHCTPYMEHTHI:
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- IIOMCKOBBIC CHCTEMEI,
- KopITyCa,

- 0a3bl TaHHEIX,

- OHTOJIOTHH.
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