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poduisn: «{udppoBbie METOALI B TYMAHUTAPHBIX HAYKAX»
Bpemsi BoinosiHeHus 3aaanus — 180 MuH., A3bIK - pyCCKHUii.

MakcumajabHoe KoanuecTBo 0aainos - 100.
Bonpoc 1. KOA 313

ITpourute oTpriBOK cTaThu Kpucroda [léxa «Big? Smart? Clean? Messy? Data in the
Humanities»
JlaliTe pa3BepHYTBhIE OTBETHI HA CIEIYIOLINE BOIPOCHI:

1. Yem, mo MHEHUIO aBTOPA, OTIIMYAIOTCS JAHHBIE B TYMAaHUTAPHBIX HAYKaX OT MPOYUX
naHHbeIX? B uem cnoxHocTh paboTsl ¢ Humu? [IpuBeaure cBou mpuMephl

2. Kakue nBe pa3HOBHIHOCTH «TYMaHUTAPHBIX TaHHBIX» MpeanaraeT aBrop? B uem
paznmuunst Mexy Humu? [IpuBenuTe cBoM MpUMepsl 00eUX pa3HOBUIHOCTEH. B uem
MIPEUMYIIECTBA U HEJOCTATKH KaXKIOH pa3HOBHIHOCTHU?

3. B dem mpobiiema ¢ camuM clioBoM data v ero stumonorueii? Kakoe cBOWCTBO TaHHBIX
TUIOXO OTPAXKAETCS Yepe3 UCXOAHOE JATUHCKOE 3HAYCHHE 3TOTO CI0Ba?

4. OO0wsacuute yrBepxkaenue: «Irends in literature can be observed across the entire
literary production of a given time and given genre». Uto umeet B Buay aBTop? Uto
MO3BOJISIET €My JAeJIaTh TaKOe yTBEPKIeHHE?

5. OO0wsacuute yrBepxkaenue: «Data (as well as the tools with which we manipulate
them) add complexity to the relation between researchers and their objects of study».
Urto umeer B BUAY aBTOpP?

6. Kak MOXXHO MOHMMATh TEPMHH «PETPE3CHTATUBHOCTHY B KOHTEKCTE I (PPOBHIX
TrYMaHHUTapHBIX UCCIEIOBaHUN U mpobiieMaTky big data in the humanities?

Big? Smart? Clean? Messy? Data in the Humanities

<...> Data in the humanities is a bit special: one could in fact argue that text in a book or a
manuscript, or the visual elements making up a painting, are data already. First, however,
this is analog, non-discrete data, which cannot be analyzed or transformed computationally,
and second, language, texts, paintings, and music are semiotic systems that have dimensions
beyond the physically measurable, dimensions which depend on semantics and pragmatics,
that is on meaning in context. For this latter reason particularly, speaking of “data’ in the
humanities is problematic and has been challenged. Criticism has come from mainstream
scholars who see “data” and quantitative methods of analyzing them with suspicion, because
the apparent empiricism of data-driven research in the humanities seems at odds with
principles of humanistic inquiry, such as context-dependent interpretation and the inevitable
“situated-ness” of the researchers and their aims.

Some practitioners of digital humanities, notably Joanna Drucker, have argued that the term

“data” is actually inadequate. And indeed, the term’s etymology seems problematic in the
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context of the humanities: it comes from the Latin datum, which means “that which is given.”
This means it carries with it the meaning of an observer-independent fact which cannot be
challenged in itself. Johanna Drucker prefers to speak of “capta” instead of data, literally
“that which has been captured or gathered”, underlining the idea that even the very act of
capturing data in the first place is oriented by certain goals, done with specific instruments,
and driven by a specific attention to a small part of what could have been captured given

different goals and instruments. In other words, capturing data is not passively accepting what

is given, but actively constructing what one is interested in.

Similarly, Digital Archivist Trevor Owens has argued that data is not a given, but is always
manufactured and created. Moreover, he shows, we can approach data from different
perspectives and treat it as an artifact (something actively and purposefully created by people),
as text (subject to interpretation, for example by scholars), and as computer-processable
information (to be analysed with quantitative methods). According to Owens, this means that
data is not a given and not some unquestionable evidence, rather, it is “a multifaceted object

which can be mobilized as evidence in support of an argument.”

Even without using a new term, we can now redefine what we mean by data in the humanities.
Data in the humanities could be considered a digital, selectively constructed, machine-
actionable abstraction representing some aspects of a given object of humanistic inquiry.
Whether we are historians using texts or other cultural artifacts as windows into another time
or another culture, or whether we are literary scholars using knowledge of other times and
cultures in order to construct the meaning of texts, digital data add another layer of mediation
into the equation. Data (as well as the tools with which we manipulate them) add complexity

to the relation between researchers and their objects of study.

Basically, I would like to argue that there are two core types of data in the humanities: big
data and smart data. These two types of data can be described in two dimensions: the first
dimension describes how structured, clean, and explicit the data is; the second dimension
describes how voluminous and how varied the data is. I suggest to view big data, in a first
approximation, as relatively unstructured, messy and implicit, relatively large in volume, and
varied in form. Conversely, I suggest to view smart data to be semi-structured or structured,
clean and explicit, as well as relatively small in volume and of limited heterogeneity. Although
you could say that these are really just differences of degree, there are more fundamental
differences between them when it comes to looking at how each of them are created or

captured, modeled, enriched, and analyzed.

HauunoHaabHBIN HCCIeA0BATEIbCKHI YHUBEPCUTET «BpbIcHIasi IIK0Ja IKOHOMHUKH



OnuMnuaaa cTy1eHTOB U BbIMYCKHUKOB «Bbicmasi simra» — 2020 r.
2. Smart data (in the humanities)

<..>

First of all, I should mention that “smart data” is not an established or well-defined term. It is
not very widespread and does not have a stable meaning. Smart data is data that is structured
or semi-structured; it is explicit and enriched, because in addition to the raw data, it contains
markup, annotations and metadata. And smart data is “clean”, in the sense that imperfections
of the process of capture or creation have been reduced as much as possible, within the limits
of the specific aspect of the original object being represented. This also means that smart data
tends to be “small” in volume, because its creation involves human agency and demands time.
The process of modeling the data is essential to small/smart data; its abstract structure can be

defined with elaborate schemas or as predefined database structures.

A prototypical example of smart data are scholarly digital editions produced using the
Guidelines of the Text Encoding Initiative. Technically, TEI documents are usually considered
semi-structured; usually, they follow a data model expressed in a schema, but such schemas
allow for considerable flexibility. In addition to a very clean transcription of the text, digital
editions using TEI can make a lot of information explicit: first of all, TEI files contain not just
the full text, but also metadata associated with the text (in the teiHeader section), also, the data
is structured and explicit: there is markup making the structure of the text explicit, identifying
parts, chapters, headings, paragraphs, as well as page and line breaks, for example. Finally,
many more types of information can be specified: for example person names in a novel or play,
place names in a letters or documents, and many more things, and links to other parts of the
documents and to external documents. Making all of these things explicit allows to visualize

them in specific ways and to index, count and analyze them computationally.
3. Big data (in the humanities)

<...> big data in the humanities is not the same as big data in the natural sciences or in
economics. In most cases, velocity does not play a key role in big humanities data right now.
Also, the large “volume” is less usefully defined in the humanities by a shift from databases to
distributed computing. Variety of formats, complexity or lack of structure does come into play,
however. In fact, the distinctive mark of big data in the humanities seems to be a
methodological shift rather than a primarily technological one. And it is a huge methodological
shift. Paradoxically, the shift from small smart data to big data is much more radical, I would
argue, than the shift from print to smart digital data was. Indeed, moving from smart data to

big data implies a shift from “close reading” to “distant reading” (in the words of Franco
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Moretti) or to “macroanalysis” (to use Matthew Jockers’ term). In this paradigm, instead of

reading a few selected texts, we analyze an entire collection of relevant textual data.

The first consequence of the macroanalytic paradigm in the humanities, where hundreds or
even thousands of texts are analyzed at a time, is that instead of operating on the level of
literary forms and conventions, of semantics and context, we operate with quantitative
measures of low-level features, on the basis of statistics and probabilities. The second
consequence is that instead of so-called “representative” texts or paintings, we can now study
the entire set of texts or images relevant to a specific research question. Trends in literature
can be observed across the entire literary production of a given time and given genre.
Questions of representativeness, of canonization, of literary quality play a much smaller, or at

least a different, role in this context.

Bomnpoc 2.

Pemure 3axauy.

byksol T, JI, A, A, X, 'b Hanucansl Ha OTAENBHBIX KapToukax. Mibs Mnbud 6epeT KapTouKkH B
CIIy4allHOM MOpSJKE U IPUKIaAbIBACT OAHY K apyroil. Kakosa BepostHOCTB, yTO Wb Mnbuy
C MepBOH MOMBITKU coOepeT u3 Hux cinoBo «XAJIATH»?

Bonpoc 3.

Pemure 3axauy.

VY naps Kamest 66010 24 Melka ¢ 3010TOM OJIMHAKOBOTO Beca. M3BecTHo, uto 6aba fra
3ajie3J1a B OJIMH U3 MEIIKOB M IMOJMEHHIIA YaCTh 30J10Ta IPEIKUMHU opexamu. Ha B Meliku
HE OTJIMYAIOTCS, HO MEIIOK C TPEKUMHU opexamu Jierde. Y Kaiiest ecTh TOJIBKO MPOCThIC
PaBHOIUICYHBIC BEChI O€3 JICJICHUH, C UX TTOMOIIBI0 MOXHO TOHSTh, YTO JIETYe, a U4TO
TsDKeIee. BMECTHTEIbHOCTh BECOB HEOTPaHUYCHHA.

Kakoe MUHUMAaTbHOE KOJIMYECTBO B3BEIIMBAHHIA MOHAIOOUTCS, YTOOBI TApAaHTHPOBAHHO
HaWTHU MEIIOK ¢ opexaMu?

Bonpoc 4.

BbI ¢ Apy3psimMu pemig cienath HU(poBOH KOPIYC TEKCTOBBIX MOJAMUCEH K TIOOUTEIBCKUM
¢dororpadusam. Kakum ¢ororpadpusm? KakoBsl kputepuu BXoxaeHus B kopmyc? Bee aTo
pemars BaM. Onuiure:

1. rzme u kakuM 00pa3oM BbI ObI IPEUIOKMIA COOPATh MaTepHal I BalIero
UCCIIeIOBAHMS; KAKHE KOMIIBIOTEPHBIE TEXHOJIOTMU MOTYT OBITh IPU 3TOM
IIPUMEHEHBI?

2. Kakue TUIBI Pa3METKU MOXHO ObLIO OBl IPEASIOKUTH I COOPAaHHOTO BaMHU
MaTepuaa’? MposBUTE MAKCUMYM (DaHTa3uM U NPEIAJIOKUTE KaK MOKHO OOJIbIIe
YPOBHEN Pa3METKH

3. Kakoro poja MetauHpopManus o BalluX 00bEKTaX UCCIEAOBAHHS BaM MOXKET
HOHa00UThCs?
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4. mpemsioKUTE HE MEHEE TPEX CIIEHAPUEB KOJIMYECTBEHHBIX UCCIIEA0BaHMI Ha 0a3e

BaIllero MaTepuaia. B KaxaoM ciiydae MpOMHUIIUTE 1EJIb UCCISTOBAHMS U
HeoOXOAUMBIE LIaTH.
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